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Introduction 

Crowdfunding is considered as one of the most diffused Fintech solutions at the global 

level. The wide range of its structures has enabled it to satisfy the demands of clients from 

diverse sectors. For instance, it has been implemented by start-ups to promote their idea 

in the market or by companies seeking capital to expand their business.  

In fact, the first chapter illustrates the crowdfunding ecosystem, examining the several 

actors involved in its mechanism, the main characteristics, advantages and disadvantages. 

Furthermore, some insights are provided on the actual reality where crowdfunding 

operates, the most popular platforms and comparisons with other financing solutions that 

can be implemented to start a business. Moreover, crowdfunding can be also applied in 

developing countries to ensure access to credit for underprivileged borrowers. 

The second chapter analyses prosocial crowdfunding from different perspectives to reveal 

its potential. One specific typology of prosocial crowdfunding is represented by Kiva, a 

micro-lending platform and an international nonprofit organization  that operates in 

underdeveloped countries to support local borrowers. Numerous studies have been 

conducted on Kiva and several aspects have been investigated. Therefore, this chapter 

outlines a comparison of diverse research questions based on Kiva’s performance. 

The last chapter provides an experimental analysis of Kiva’s data and includes four sections: 

data cleaning, data visualization, topic modeling and data modeling. In particular, two 

variables, named use and description, will be examined with topic modeling. The first 

indicates the loan purpose, whereas the second delineates the borrower’s profile. 
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I Alternative Finance: Innovative Solutions in The Actual Reality  

Crowdfunding is one of the principal manifestations that has emerged in the Fintech 

scenario due to the impact of innovation in the financial sector. It originated in the 

entertainment field and then expanded in other areas. So important is its contribution in 

our reality that the capital generated through crowdfunding reached a value of $34 billion, 

considering only the initial actors, who adopted this solution in their lives from 2011 to 

2015. Actually, the highest transaction value is $451.30 million in and it was raised in the 

United States in 2023. It is also expected to present an annual growth rate of 2.46%, while 

the total amount is predicted to be $ 1.21 billion by 2027 (Statista, 2022). 

 

 1.1. The Crowdfunding Ecosystem 

The term “crowdfunding” derives from “crowdsourcing”, a collection of opinions, services, 

information and knowledge generated by a group of people sourced via internet. 

Crowdfunding offers the possibility to promote a project by raising money from the 

“crowd” through the implementation of an online platform (Jovanovic, 2019). It has diverse 

manifestations, from simple donations to high-risk investments, and two main phases can 

be distinguished: the pre-funding part and the post-funding one. The first comprehends 

the details of the strategy, marketing communication and the funding period. Whereas, the 

second describes what will happen when the crowdfunding campaign is over: all 

participants will know whether the initiative has achieved its goal, if profits have been 

distributed and whether the project can be concretely realized.  

Multiple elements can implicitly influence the success of a crowdfunding campaign at the 

early stage. Firstly, the network of the project creator is a crucial aspect to consider because 

it represents the quality of the program and its trustworthiness. Moreover, the initial 

financial support is another positive sign that reveals higher likelihood of receiving future 

funds. Sustainability is an additional factor to evaluate, even though it does not necessarily 

denote the success of a campaign. In fact, according to the cooperative capitalism 

approach, investors are not only attracted by the future profits, but also by the values of 

the lender community (Bockel et al., 2021).  

On the other hand, in the post-funding part, the degree of collaboration and inclusion of 

backers will consistently affect long-term success. While, in the case of sustainable 
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projects, only a minority publish final data on the effectiveness of the campaign 

(Kaartemo, 2017).   

Crowdfunding combines technological strategies with financial ones and, in fact, 

represents an alternative solution to existing intermediaries. An intriguing theory that 

should be applied to analyze this phenomenon from different perspectives is the so-called 

“stakeholder approach”. The stakeholder figure indicates an individual or a group of people 

who can influence and be influenced by the realization of the company’s purposes. The aim 

of stakeholder theory is the examination of roles within an organization that are completely 

distant from the traditional ones, but, at the same time, whose contribution is crucial to 

the organization’s success (Laplume et al., 2008). 

Website providers are the online structure that supports communication between the 

founder and backers. It offers multiple services such as constant email updates, news about 

the project, and a dedicated section for sharing ideas and thoughts. To promote the 

campaign on social media, a direct link is present to facilitate access to information and 

attract more investors. Furthermore, third party vendors are involved to enable secure 

payment processing and guarantee privacy. Whereas, the level of transparency depends 

on the typology of crowdfunding. (Ordanini et al., 2011).  

The project founder designates the originator of the idea. This role can be covered by a 

start-up, an entrepreneur, an investor etc. Before engaging in a crowdfunding campaign, 

two aspects should be considered. The borrower’s business knowledge and abilities are an 

indication of his background activities, market experience and, obviously, reliability. While, 

his product notions shows the degree of involvement in the realization of the item and an 

evidence of his marketing skills. A founder may present a level of professional training in 

one or both of the aforementioned areas. In general, his principal aim is to collect financial 

resources in order to examine a market idea, increase his network of relationships, or 

acquire validation for a future partnership with lenders (Gerber et al., 2012).   

Backers perform numerous functions ranging from raising capital to supporting the project 

in actual and digital realities. In fact, if they are members of a certain company, they can 

spread the news and involve more individuals in the monetary phase. At the same time, 

they could use their personal profile on social media to draw more attention from the 

online community. According to several theories, different motivations drive backers to 

joining in a crowdfunding activity such as being recognized for their participation, being an 
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official campaign contributor, aiding a cause. In reality, the genuine reason is a combination 

of the previous ones, considering also the relative extrinsic and intrinsic benefits derived 

from the typology of crowdfunding (Beaulieu, Sarker, 2015).  

 

 1.2. The Main Features of Crowdfunding 

Since 2010, four types of crowdfunding have spread: investment-based crowdfunding, 

lending-based crowdfunding, reward-based crowdfunding and donation-based 

crowdfunding. All are characterized by the promotion of an idea on an online platform in 

which several investors can participate to contribute to the cause through the transfer of 

capital.  

In particular, equity crowdfunding (or investment-based crowdfunding) is an emerging 

phenomenon in entrepreneurship research. In fact, the number of dedicated studies has 

incremented by 620% from 2012 to 2017 (Mochkabadi et al., 2020). In this model, an 

effective share of a company is purchased through an online investment. Firms choose a 

crowdfunding platform to advertise their offerings and the crowdfunding audience is 

invited to monetarily support the organization. One of the crucial aspects concerns the 

rewards for investors: they correspond to the set of ownership and administrative rights to 

participate in the organization. Once a share is bought, the single contributor has become 

an official equity stakeholder and his profits will be received in the form of dividends or 

capital gains. This also means that the investor will be designated as a residual claimant in 

the investee firm and, as a result, will assume the risk associated with the company’s future 

performance to the extent of his share. Moreover, the crowdfunding platforms will receive 

a fixed fee from the borrowing firm for offering public relations activities and a flat rate, 

the amount of which depends on the financial resources raised. This framework is usually 

the most chosen by start-ups and  early-stage companies due to the short period of time 

and the substantial amount of resources that can be collected. In general, it is also the 

preferred solution for business-oriented projects, for companies with institutional or 

commercial clients because it offers several possibilities. Primarily, they have access to bulk 

purchases rather than individual profits and, secondly, they would obtain favorable rates 

in procurement. On top of that, they earn the supplier company’s share, which is equivalent 

to an indirect gain from its main services and products (Adhikary et al., 2018). 
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Peer-to-peer crowdfunding (or lending-based crowdfunding) is a form of alternative 

financing between individuals, organized through online platforms and aimed at 

developing entrepreneurial projects with a specific purpose. Originally, it was defined as a 

valid solution for individuals who did not provide any form of collateral to protect the 

lender from eventual default. Recently, it has diffused in the business sector as a further 

option for enterprises in the process of raising capital (Pierrakis, 2019). In fact, from the 

firm’s perspective, it is a cost-effective solution because the platform, which represents the 

intermediary, facilitates the funding phase and attributes higher credit scores to the 

organization itself. From the lenders’ point of view, they have the opportunity to purchase 

a portion of the loan at an interest rate whose value depends on market fluctuations 

(Bruton et al., 2015). This mechanism is based on uncollateralized loans and the concept  

of “all or nothing”. The availability of more and more data on individuals and businesses 

encourages the definition of precise credit scores in order to facilitate the screening ability 

of lenders in identifying the correct interest rates (Iyer et al., 2009).  

Reward-based crowdfunding and donation-based crowdfunding fall under the community-

based crowdfunding model. In particular, the former is characterized by a return that does 

not present a financial nature and is proportioned to each backer’s contribution. For 

example, an author might offer copies of his book before publication, or a massage 

therapist might reward donations with gift certificates for future services. Whereas, 

donation-based crowdfunding, also called donor - based crowdfunding, involves people 

raising money to support a cause without expecting anything in return. It is most prevalent 

among charities and nonprofit organizations that use this form of crowdfunding to solicit 

donations from supporters who believe in the cause they represent (Jovanovic, 2019).  

An additional distinction between platforms regards fundraising strategies. “All or Nothing” 

(AON) refers to the crowdfunding  campaign in which neither the funder nor the crowd 

(that contributed to it) will receive the financial resources if the predefined goal is not 

reached. It indicates a higher level of commitment and is utterly diffused in equity and 

lending crowdfunding. “Keep it All” (KIA) is the opposite approach: the company will keep 

the entire amount even if the aim is not met. It is the most preferred in the context of 

reward and donation crowdfunding where the importance of the cause prevails on the 

remaining factors (Shneor R et al., 2020).  
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Further categorization evaluates crowdfunding typologies according to three value 

propositions: hedonism, altruism and for-profit. Reward-based crowdfunding falls into the 

first group, where innovative projects are promoted in order to satisfy crowd interest and 

spread positive sentiments. Altruism is more related to donation-based crowdfunding, 

where the ultimate target is to support a social cause usually involving charitable 

organizations or foundations. For-profit refers to campaigns where the financial return is 

crucial and, in fact, concerns only the business environment (Shneor R et al., 2020; Haas et 

al., 2014).  

To better understand the motivations behind the growth of crowdfunding, a fascinating 

aspect to investigate involves describing the highlights of the European legal framework in 

which this financial solution has been embedded. According to the European Commission 

2017, the regulatory architecture of crowdfunding in Europe was rather heterogeneous. 

Indeed, some countries introduced specific legislation to regulate crowdfunding or 

improved the flexibility of the previous regulatory framework to adequately respond to the 

challenges raised by the sector. In general, the growth of the crowdfunding industry has 

been encouraged to enhance competition among different firms and agents willing to 

embrace this form of business, reduce the spread of information asymmetries and comply 

with transparency requirements for participants. Unfortunately, the weakness of the 

strategy of harmonization and regulatory cohesion advocated by the European Institutions 

has generated an evident fragmentation in the legislative scenario of the European 

Member States (Cicchiello, 2019; Hooghiemstra, 2020).  

The European Crowdfunding Regulation (CFR) was issued on 7th October 2020 and its 

scope comprehends investment-based crowdfunding and lending-based crowdfunding. 

The principal aim of the regulation is to create a single European market to facilitate access 

to finance for entrepreneurs, start-ups and SMEs in general. This situation has augmented 

the growth of crowdfunding platforms, supported cross-border activities to surpass the 

internal barriers and obstacles, stimulated the interest and attraction of investors in this 

sector, guaranteed the same level of information for the participants and defined uniform 

rules valid in all EU countries. In addition, the CFR introduces an European passport for 

crowdfunding service providers (CSPs) (Macchiavello, 2021).  
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Some forms of crowdfunding are not yet included in the scope of the regulation. 

Nonetheless, the introduction of a “European passport” has elevated market efficiency, 

economies of scale and scope between European and National crowdfunding platforms by 

moving from a purely domestic legislation to a single and remarkable one. 

Once the characteristics of crowdfunding have been delineated and the legal framework 

has explicated its boundless spread, a classification of the actual most recognized platforms 

is necessary to have a complete picture of the phenomenon. According to Investopedia 

(Kearl  et al., 2022), the best crowdfunding platforms of 2023 are: 

• Indiegogo; 

• SeedInvest Technology; 

• Mightycause; 

• StartEngine; 

• GoFundMe; 

• Patreon. 

Indiegogo was developed in 2008 by Danae Ringelmann, Eric Schell, and Slava Rubin and it 

is considered the best choice for entrepreneurs and investors to promote their ideas and 

initiatives. It offers the opportunity to match the project’s campaign description with the 

founder’s social network profiles, such as Twitter and Meta, in order to share more 

information about his personal experience and reach a wider audience. The borrower can 

also cover the role of lender by investing in other products available on Indiegogo and 

supporting other initiatives.  It is present in 235 countries and has funded more than 

800,000 ideas in just five years. The only drawback is the charge of 5% platform fee added 

to a third-party payment processing fee. However, the duration of the campaign is 60 days 

and, once the aim is achieved, the founder will receive the capital raised in 15 business days 

directly into his bank account. 

SeedInvest Technology was created in New York in 2012 to support start-ups in their initial 

phase. To mention a few number of its successes: over 250 companies have been funded, 

more than 700,000 investors have been involved and more than $465 million in financial 

banking has been reached. In addition, if the project goal is not achieved in the 

predetermined time, costs will be added to the organization. Because of its popularity, 
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selection among start-ups is a challenging process and includes a due diligence check. Once 

a certain project is chosen, the entrepreneur must take a few steps to officially launch his 

idea on the platform. These include creating a profile, closing the round and making some 

payments.1 SeedInvest will charge a 5% equity fee and a 7.5% placement fee. Finally, the 

campaign can last 45 to 60 days, it depends on the business itself.   

Mightycause was founded in 2006 as a platform for nonprofit organizations and individuals 

to promote a social cause, whose number exceeds 150,000. It has multiple solutions for 

different necessities: from lending-based crowdfunding campaigns, to special occasions, 

giving days or one-year duration. Moreover, it is compatible with customer relationship 

management (CRM) systems like Salesforce, offers also a free trial and the possibility to 

directly promote the idea through an integration on social network channels. The platform 

provides two subscriptions: the Essential and the Advanced plan. The former offers the 

basic components for a crowdfunding campaign and costs $59 per month. While, the 

second one also includes CRM services, statistical analysis and, of course, its price is higher 

than the previous one and is $99 per month. Beyond the choice of package, the average 

processing fee is 1.2% of the collected funds, added to 29 cents per transaction.  

StartEngine was launched in 2014 by Ron Miller, Howard Marks, and Paul Kessler and now 

has ABC's "Shark Tank" host Kevin O'Leary as a strategic advisor. It adopts a lay-person-

friendly investment approach allowing individuals to become a lender of a specific start-up 

or firm. The choice is facilitated by the company description with information on 

evaluation, price per share, number of contributors, etc. Only personal information and 

payment methods need to be entered into the application. Furthermore, StartEngine is also 

a platform where start-ups can be registered to seek capital. Actually, the total number of 

companies involved is 550 and the network has more than 1,000,000 users. 

GoFundMe started in 2010 and is one of the most popular crowdfunding platforms online 

for numerous reasons, such as expert support available for any assistance, 0% platform fee, 

flexibility in raising funds for a charity, a friend or for one’s personal needs. In addition, 

setting up a project requires only a few steps: creating the campaign with images, videos 

 
1 Start-ups in their early-stages seek capital from outside sources, called rounds, in which investors 
participate with their own financial resources in exchange for equity or partial ownership of the 
firm itself.  
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or textual information related to the description of the applicant and the desirable amount 

that he would like to receive; sharing it via social networks, messages and emails; tracking 

monetary movements made by contributors. For the aforementioned aspects, GoFundMe 

has reached more than 200 million donors and raised over $17 billion. The only payment is 

the processing fee of 2.9% and $0.30 per transaction.  

Patreon was founded in 2013 by Sam Yam and YouTube musician Jack Conte and is one of 

the leading platforms representing the crowdfunding industry dedicated to creative 

professionals. It has supported over 250,000 artists, writers, musicians and podcasters and 

has raised more than $3.5 billion. Monthly subscriptions are available, each distinguished 

by the services offered and the monthly fee. The first package is called “Lite”, takes 5% of 

the capital raised and it is aimed at creators at the beginning of their careers. The second 

option is “Pro” with an 8% fee and developed to promote artists’ business. The last plan is 

“Premium” and the associated payment is 12%. It is designed for clients who have a 

minimum revenue of $5,000 on the platform and have a social media community of at least 

100,000 members. All solutions involve some software integrations, business tools and the 

use of Patreon mobile app.  

 

 1.3. The Main Aspects of a Successful Crowdfunding Idea 

The perfect recipe that ensures the success of a crowdfunding project depends on the 

combination of diverse ingredients such as the pledging conditions (the final goal and 

duration), the features of the project (the campaign description, texts, videos, images) and 

the characteristics of the founder (previous experience, reliability and social network size) 

(Koch, Siering, 2019).  

Firstly, the principal aim of the campaign is a crucial indication of the amount of money 

desired and needed to finance the project. It is considered a measure of the size of the plan 

and its importance. In general, it is appropriately defined in order to receive the expected  

reaction of investors. If the target is too ambitious, lenders would perceive a higher level 

of uncertainty associated with the project itself and this will produce a negative effect on 

their actual participation. Therefore, the definition of the final goal generates a consistent 

impact on the crowdfunding success, especially in the monetary phase. 



11 
 

Secondly, the funding period is another signal that determines the final outcome. A long 

campaign duration could represent an insufficient level of trust on the part of the founder 

and, consequently, investors may doubt the trustworthiness of the founder and the defined 

program. For this reason, short periods are preferred and more common. 

Information disclosure is a delicate issue that should be handled scrupulously. It includes a 

textual description, images and videos. The first explains the characteristics of the project, 

its details and crucial information. So important is the correct use of words that it can 

generate a positive or negative impact on the success of the project. Indeed, if the 

explanation is clear, it increases the interpretability of the plan for interested investors and 

communicates a sense of reliability of the founder and the selected platform. However, it 

could also produce the opposite effect in the case of excessive information. It would 

increase investors’ effort to understand the campaign and their decision making ability 

(Barbi, Bigelli, 2017; Mollick, 2014; Pitschner ,Pitschner-Finn, 2014).  

Images play a more important role than textual information because they directly capture 

the user’s attention and interest in the campaign (Glenberg, Langston, 1992). If a picture 

has the right colors, size and figures, it will certainly be highlighted in the description. As a 

result, the webpage views will increase, the project will be more scrutinized by investors 

and it will reach a wider audience. Numerous studies state that the longer the duration of 

the webpage, the greater the chances that the visitor will be attracted to the campaign and 

may become a future contributor (Unnava, Burnkrant, 1991). It is also true that too many 

images on the same page will drive away any interest in the project.  

Videos are a key factor in the description of project characteristics because of the richness 

derived from the combination of motion and audio information. Dynamic visualization is 

always preferred over static images (Park, Hopkins, 1993). Project promotion is more 

effectively expressed through videos than simple textual description. One minute of video 

can transfer more content than two written pages of explanations of the idea, gaining more 

views and more interest from the crowd (Jiang, Benbasat, 2007). Therefore, the perfect 

amount of text, images and videos would definitely generate a positive effect on the 

success of the crowdfunding project. 
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Risk disclosure is one of the main feature of a crowdfunding campaign because it outlines 

any hazards, threats or exposures examined and identified through a risk management 

approach (Linsley & Shrives, 2006). A wide range of risks could be present, such as delaying 

the deadline, not reaching the set of predetermined goals, postponing loan repayment etc. 

Despite the negative consequences that might occur, the section dedicated to the project’s 

risks should always be integrated into the crowdfunding platform to ensure transparent 

communication to web page visitors (Jahansoozi, 2006). It is also a smart insight of the 

founder for producing a risk analysis, a fundamental part to augment the probabilities of 

project success. On the other hand, an overly detailed report could also alarm investors 

and convey a high level of uncertainty about the outcome of the project.  

The way a sentence is phrased, the words chosen and their juxtaposition can evoke positive 

or negative emotions in the reader. Numerous researches proved that the sentiments felt 

influence individual decision making (Bagozzi et al., 1999). In the case of investors, the use 

of specific terms affect their willingness to participate in the project and, consequently, the 

probabilities of financing the initiative. 

Regarding the sphere of founder characteristics, previous project experience is considered 

as a positive element at the funding stage. Crowdfunding projects launched by a single 

entrepreneur are described in his personal page. Lenders can visit it to get an overview of 

his activities and the results of all his initiatives. A founder with previous works is 

considered more reliable than individuals at the beginning of their careers (Abdul-Rahman 

and Hailes, 2000). One theory that can confirm this general trend is called “Matthew Effect” 

and states that a success happened in the past has a high probability of occurring in the 

future (Merton, 1968). In fact, a founder with excellent reviews, ratings and successful 

projects will also receive financial resources to promote his future ideas.  

The founder’s network is an additional variable that, in combination with his experience, 

increases his perceived credibility with the audience. The number of friends and followers 

on social media is a measure of the user’s popularity and represents a public screen through 

which he can share his ideas, values and communicate his identity and personality. As a 

result, the borrower’s public profile and related contacts positively impact on the success 

of financing. For this reason, several entrepreneurs include a link to their public profile on 

social networks in the project presentation, to augment the amount of information that 
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could contribute to the founder’s transparency, reliability and trustworthiness (Donath & 

Boyd, 2004; Yu et al., 2017). 

After the interpretation of the various factors that influence the success of a crowdfunding 

campaign, a further clarification needs to be added to explicate what are the ultimate 

effects of combining founder characteristics with the details of the project. In fact, if the 

borrower signals are present, investors will attribute more importance to them than to 

project information (Gulati, Higgins, 2003). The positive feelings generated by the 

description of the founder’s experience, network and popularity are more decisive than the 

lack of textual details on the campaign. This happens because a reliable founder persuades 

more investors who will consider the aim of the project concretely achievable. It is also true 

that the opposite situation might occur: the founder’s business experience could present 

less specificities and, therefore, the crucial part becomes the data and particulars about 

the campaign, with the proper composition of textual information, images and videos. 

 

 1.4. Key Financing Solutions in The Early Stage of a Business 

The principal requirement of start-ups in their initial phase is the search for capital. This 

process can take several months because it is one of the most challenging parts. In fact, 

once the business idea has been identified and analyzed from all perspectives to 

understand how to implement it, the financial part is another significant obstacle to 

overcome. In addition to crowdfunding and its various typologies, other options are 

available to select, based on the needs of the organization.  

Angel financing refers to investors who support start-ups or newly opened businesses in 

exchange for equity or partial ownership of the firm itself. Recently, the size of the 

investment has increased from $25,000 to $100,000 for a single company and continues to 

grow due to the excellent results already obtained. Indeed, this strategy has been adopted 

by successful enterprises such as Facebook, WhatsApp and Uber. Some constant aspects 

of small businesses are always evaluated by this category of investors. Firstly, the values on 

which the company is based and what should be promoted also in its future development. 

Secondly, the positive consequences that will be certainly realized if the total amount is 

delivered. Thirdly, how the resources will be implemented in reality, based on the definition 
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of the business plan. In particular, what technologies to include to be competitive in the 

market. From a financial point of view, another aspect to consider is the current level of 

risk associated with the business. In fact, the level of uncertainty affects investors’ requests.  

It is also true that finding angel figures is a daunting challenge for small businesses. 

Fortunately, it has been facilitated by crowdfunding sites such as Kickstarter and Indiegogo, 

where numerous investors are signed up, or considering the network of entrepreneurs, 

venture capitalists, investment bankers, angel contributors and the AngelList website. 

Social media can be a useful tool at this stage of funding. In particular, LinkedIn offers the 

possibility to individualize some professionals interested in the same sector with which the 

start-up is affiliated. Obviously, the most effective solution is to create a network with 

experts and leading figures who might be attracted by the opportunity to fund a project.  

Public events are also another alternative to be noticed by experts. In fact, it is the perfect 

setting for building relationships with potential clients, employees, accountants, 

investment bankers and strategic partners. 

Regarding venture capital companies, they are another opinion for start-ups and small 

business enterprises (SMEs) in their funding phase. Indeed, they offer professionals who 

can provide strategic assistance, financial resources and introduce their clients to a 

network of contacts. So efficient and effective is the contribution of venture capitalists in a 

business that the possibility of being selected among numerous organizations is really 

challenging. They are usually attracted to start-ups whose funders have previous 

experience or have received some public attention. This also means that they have to 

promote a project with high potential.  

Numerous studies confirm that venture capitalists promote a borrower and his 

organization by following some criteria. Starting with the geographical analysis to 

understand whether that particular idea could be appreciated in a specific place. This 

aspect is closely related to the choice of the sector. It depends on the results of a market 

examination combined with what the venture capital firm can actually offer. The third part 

to consider is  description of the company and current situation: what is the stage of 

development at this moment? How many resources have they already benefited? What is 

the number of this round? (Jeong et al., 2020; Harroch, Sullivan, 2019). 
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Some tactics that will certainly not be appreciated or considered are the request via emails 

to be received for an eventual interview or presentation of the organization, idea, business 

plan and financial situation. Whereas, the most popular approach is the introduction 

through a trusted professional who could be a current client of the VC, a colleague, a 

lawyer.  

Once the start-up has secured a meeting with the venture capital firm, the following step 

is the creation of a “pitch deck”. This is a brief presentation of the company’s overview. It 

is also a commonly used practice for angel investors. It should include a graphic analysis of 

the current trend; insert images to communicate the values that will represent the 

fundamentals of the company; include all possible elements that help demonstrate that 

the project would have broad market reach and impact; justify all the decisions that have 

already been made in the organization to define an excellent business plan; send the 

presentation before the meeting and provide a demo of the products for the meeting. 

Some rules not to follow regarding the writing phase: too much textual or visual 

information is not appreciated; some details should be inserted in the pitch deck, others 

would be better explained verbally; competitors are always a challenge to be taken into 

account; in the data analysis of the actual situation, include data from the current month 

or a month before the presentation even if it has been prepared in the last eight months 

(Harroch, 2017). 

Beyond the realization of the pitch deck, the venture process may require several months. 

In fact, just scheduling the first meeting could take weeks and will be followed by other 

meetings for the final selection. Also considering the participation of other start-ups and 

small and medium enterprises, this phase is the most crucial for the choice of venture 

capitalists. Once an organization is designated, the procedure continues with the 

negotiation part where legal documents are analyzed to decide on the investment amount. 

The borrower’s request could be higher than the value the VC would offer and, again, the 

negotiation terms need to be delineated. In this phase, the principal indicators to include 

are the estimated capital amount, the form of the investment (the most diffused are 

convertible preferred stock), the organization’s evaluation, the liquidation preference of 

the equity investment. This is followed by a selection of rights for the lender ranging from 

the Board observer rights, approval or “veto” rights, “preemptive rights” (rights to be 
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present in future financings activities), rights to receive periodic reports, redemption right, 

drag-along rights (the company has the power to force all shareholders to vote for a sale 

of the organization only if the sale has been approved by a certain percentage of 

shareholders), anti-dilution protection (to protect the investment from eventual dilution in 

future rounds).  

This preliminary analysis is essential to prevent unpleasant situations. The venture capital 

firm cannot predict what the beneficiary’s future behavior will be. Indeed, the company’s 

reaction after receiving funds is a crucial indicator of its learning capacity and internal 

organization. It will utterly impact its future performance and sustainable growth. On the 

other side, venture capitalists may choose to invest in a specific start-up to support it or for 

opportunistic intents. During initial meetings, the borrower has to disclose core 

information about his company and, sometimes, the lender will use the data received for 

his personal business. Starting from the idea, how it was developed, what technology to 

implement, what industry to choose etc. As a result, the reputation of venture capital will 

be negatively impacted and, at the same time, the future of the start-up will be inflated. 

For this reason, organizations in their early stages need to consider numerous factors 

before identifying the best option to receive external resources as the credibility and 

experience of the lender.  

At the funding stage, another solution could be evaluated: small business loans. They are 

offered by a wide number of investors and present various characteristics in order to be 

adopted by businesses with diverse needs.  

The small business line of credit is a significant support to manage the firms’ resources and 

ongoing expenses. It fixes a limit on the maximum amount accessible and requires a 

monthly payment for service. In general, interest accrues when the line of credit is 

activated and the capital is effectively used. The requested amount is amortized over the 

year and an annual fee has to be paid to renew the subscription. If the agreement terms 

are not fulfilled, the company is forced to pay the entire amount at that moment.  

The company’s accounts receivable is another credit facility. The most attractive aspect is 

the variable interest rate and the guarantee of immediate funds based on the level of the 
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firm’s accounts receivable. The sum of resources disbursed through the AR line will increase 

again when the accounts receivable are repaid by the company’s customers.  

Another popular funding method is the working capital loan, a debt used directly by the 

company to finance common operations. In fact, its performance may be affected by 

market volatility, seasonal fluctuations, implementation of a single activity and similar 

situations. Some working capital loans are unsecured and this could cause an issue for a 

company in its first stage. To compensate for the lack of a valuable credit history, possible 

answers are pledge collateral or personal guarantees. The amount of capital commonly 

requested ranges from $5,000 to $100,000 and the preferred typology of loans has short 

duration (minimum one month, maximum one year).  

Small businesses term loans are selected for capital expenses, business activities or 

expansion. They usually have a set dollar amount, a monthly interest rate and a repayment 

period ranging from six months to three years. The payment can be amortized over the life 

of the loan. Other interesting details are the forms of interest, variable or fixed, and term 

loans, secure or unsecured. It is an option chosen by small enterprises that need financial 

resources for a consistent expense.  

Another category similar to small business term loans is small business loans. These are low 

interest rate loans offered by banks with more favorable interest rates and repayment 

terms than other loans for small and medium enterprises. This is made possible by the 

guarantee of the U.S that Small Business Administration (SBA), which affects the strict 

requirements of the selective process. The capital usually requested varies from $30,000 

to $5 million.  

When purchasing equipment, equipment loans are available as a favorable solution. They 

are characterized by a down payment of 20% of the purchase price of the asset and the 

collateral is the asset itself. The loan amount ranges from $5,000 to $500,000, the capital 

is amortized over two to four years, the interest can be fixed or variable and the rate is 

monthly. Equipment can also refer to vehicles and software. 

Beyond small business loans, several backers can support SMEs, starting with online direct 

lenders. They comprehend reliable enterprises that offer working capital loans, cash 

advances and loans with a short duration in amounts from $5,000 to $500,000. Some 



18 
 

websites act as lead generation services by providing access to several lenders; some cases 

are Fundera and LendingTree. 

The most notorious lenders are commercial banks, characterized by rigorous loan 

underwriting criteria and long application process, but also by a high level of reliability. 

Some acknowledged examples are JP Morgan, Citibank  and Wells Fargo. In the case of local 

organizations, numerous community banks can provide small business loans.  

Peer-to-peer lending sites can act as intermediaries between small borrowers, institutional 

lenders and individuals. Some popular platforms are Funding Circle, Prosper and 

LendingClub.  

Some bank lenders include the possibility of issuing loans backed by SBA, offering the 

aforementioned advantages to small and medium enterprises. 

In this scenario of numerous and competitive financial options, the best strategy to 

understand which alternative to select is the analysis of key terms: the interest rate 

calculated on the loan, whether it is variable, fixed or occurs monthly, quarterly; if the loan 

payment presents a deadline or can be amortized over time; the calculation of 

administrations fess, underwriting fees, loan processing fees; any collateral or securities 

required; whether a lender can call for loan default and under what circumstances it is 

possible (Harroch, Sullivan, 2019). 

 

 1.5. The Importance of Microfinance in Developing Countries 

The term Third World Countries refers to developing and underdeveloped nations. At this 

moment, more than 10% of the global population lives in deplorable conditions and the 

principal causes are political and economic inequalities rather than the lack of resources. 

Some general situations are always present in Africa, Latin American and Asia such as high 

birth and infant mortality rates, ignorant populations, low economic development, illness, 

starvation, agriculture, poor health care and death. Furthermore, one of the main issues is 

the exclusion of underdeveloped nations from financial institutions. This affects the 

possibility to start a business and, consequently, it adds to the causes of raising 

unemployment and poverty rate.  
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Access to official lenders is not guaranteed to 90% of the population in developing 

countries and this phenomenon can be represented through the “Vicious Poverty Round”. 

Investment capacity is limited and this utterly impacts on declining productivity, low 

domestic saving and revenues fall. If entrepreneurs have barriers in engaging new business 

ventures, economic development stalls. Although microfinance is a significant tool for 

seeking capital, it is consistently influenced by restrictions and hurdles. Once some funds 

are received from low-income families, they are invested to help with children's nutrition 

and ensure they can attend school (Robinson, 2002). These are only the first steps to build 

the fundamentals for economic growth. The support of financial services enhance the 

family’s self-confidence for increasing their assets and income. Therefore, the application 

and diffusion of microfinance allows the creation of an environment where political 

participation and democracy should be guaranteed.  

To understand how microfinance works, it is better to start with an explanation of the 

concept of microfinance. It is a financial institution that guarantees access to capital to 

small organizations and low-income individuals. Some of the principal services are 

microsavings, microcredits, microinsurance and payment mechanisms (Kagan, Julia, 2018). 

It is a crucial option for situations where the borrower’s profile does not present the 

compulsory requirements to be accepted by banks. It is a typical condition prevalent in the 

poorest segments of the population, socially and geographically isolated from other 

members of society.  

In the beginning, only two principal methods of microfinance were applied to offer financial 

services to clients. The former was the Relationship Banking for businesses and individual 

corporations. The latter referred to group requests for obtaining financial resources and, 

therefore, group-based arrangements were created to satisfy this particular request as 

well.  

Actually, microfinance is the principal solution diffused in underdeveloped countries to 

enable low-income families to manage their earnings,  promote economic development, 

job opportunities and the growth of small and micro enterprises. On the contrary, 

numerous criticisms have emerged to highlight the debt risk that could be caused by 

microfinance due to the low educational level of borrowers and challenges in starting a 
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business. Related answers can be found in the description of strategies promoted through 

microfinance to reduce the poverty rate and offer information, supplies and resources.  

Before microcredit, the bank was the only channel for seeking capital. Unfortunately, 

borrowers had no collateral or security to repay their debt. So high was their risk of default 

that underprivileged individuals were excluded from obtaining any loans. Numerous 

international agencies tried to reduce the poverty level through resource distribution 

which was significantly hindered. Therefore, only a portion of the population effectively 

benefited from the funds offered. Whereas, microfinance guarantees access to modest 

loans with reasonable interest rate and reimbursement procedures. So impressive and 

efficient is the program that this process has filled the gaps caused by other financial 

institutions and has also reached women in remote and rural areas.  

Numerous studies have proven that preferential loans cannot be implemented as a valid 

solution. Due to the limited number of funds, resources are distributed only among 

companies with a higher reputation and, especially, strong banking contacts. The rest of 

the firms and small enterprises remain isolated and the poverty rate is not affected. In rare 

situations funds are obtained by small firms, but they are loans with a modest recovery 

rate. The general failure behind the financial institutions is utterly increased by the 

presence of government owned banks that are either too passive or have insufficient 

managerial capabilities, preventing the possibility of any improvement.  

On the other hand, microfinance has achieved this goal through collaboration among 

organizations, thanks to which transaction costs and default rates have been reduced. 

Indeed, the combination of group loans, compulsory deposits and flexible payment 

schemes allow the distribution of funds to people who effectively need them. In the 

community, the relationship between loan officers and borrowers is crucial to identify the 

details of the investment and match them with the amount of capital to be requested. 

Collateral is substituted by group behavior that enhances the credibility and reliability of 

borrowers. The creation of a community is another fundamental phase to define a 

collaborative decision-making process and an accounting system in village organizations. 

To improve the capabilities of borrowers to repay the loan, some loan-granting institutions 

provide educational aid and training activities. The aforementioned aspects contribute to 

the success of microfinance in underdeveloped nations and promote its global 
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implementation as a measure that effectively reduces poverty rate. In general, the 

difficulties of capital search in abject populations are the result of the lack of access and 

comprehension of multiple factors: primary resources, information on market prices of 

goods produced in those territories, health situation, services and structure of public 

institutions and, especially, information related to their legal rights (Almaamari et al., 

2022). 

Another aspect to be evaluated relates to the social condition of women in developing 

countries. Financial institutions consider the household poverty rate too high to be 

reduced. On the contrary, microfinance operates in this sector as well, providing job 

opportunities for women who previously had no possibilities to maintain themselves. It 

supports their empowerment by promoting several activities from entrepreneurial lessons, 

educational training to the theoretical and realistic business definition. As a result, women 

acquire more confidence and self-esteem, becoming more aware of their potential and 

expanding their knowledge. They usually invest the resources received for their children’s 

education. In other cases, they use the loans for the development of their enterprise. This 

means that women become self-sufficient and can contribute to their family’s expenses. 

Another risk may also occur: the loan is not invested efficiently and becomes a burden 

rather than a source. To avoid this situation, before granting a loan, an analysis of how it 

will be implemented and invested is essential.  

One of numerous studies on women-led enterprises in developing nations was conducted 

in South Punjab, Pakistan, where Islamic microfinance institutions (IMFIs) operate. Data 

were collected through questionnaires from female borrowers who benefited from IMFIs. 

The results prove that 62% of them launched their own business through microfinance 

resources and the IMF contributed more to their entrepreneurial performance compared 

to non-IMFIs. In addition, the descriptive analysis reveals interesting information: women 

with five or more children and between the ages of 31 and 40 start their own business, 

which may vary according to their educational level; early age marriages are the main 

reason for girls to drop out of school, whereas the principal motivations for launching a 

women-led firm are gender inequality and responsibility for the welfare of their children; 

the preferred sectors for investment are boutique, tailoring, stitching, retail shops and 

beauty salons (Faridi et al., 2022).     
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Therefore, microfinance institutions represent the most efficient option for 

underprivileged populations to effectively improve their living conditions and create a 

better future for the next generation.  
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II Prosocial Crowdfunding & Kiva Experience 

The crowdfunding phenomenon has completely transformed entrepreneurial finance in 

the past decade. Despite its global spread, researchers have just begun to analyze the 

complex dynamics of crowdfunding. In particular, lending-based prosocial crowdfunding is 

a typology of which our awareness and comprehension is still limited (Berns et al., 2020). 

This chapter offers an overview of the potential of crowdfunding for projects promoting a 

social cause, followed by a description of a specific platform that operates effectively in this 

field, called Kiva, and what studies have emerged through the analysis of main variables in 

Kiva’s database.  

 

 2.1. Prosocial Orientation in Crowdfunding 

In developing countries, local microfinance institutions publish details of loans issued on 

prosocial crowdfunding platforms. They apply the loan-based crowdfunding model to 

create social value through their initiatives (Meyskens and Bird, 2015). The success of their 

mechanism is based on the combination of multiple factors, such as interest-free 

microloans, open-calls directly on online platforms and small contributions from numerous 

individuals without the intervention of traditional financial intermediaries (Mollick, 2014: 

2). They represent a further innovation in the Fintech scenario and an evolution of peer-to-

peer finance (Bruton et al., 2015).  

 

 2.1.1. The Moral Foundation Theory applied in the Crowdfunding Scenario 

Numerous studies claim that investors are more attracted to non-financial returns. In fact, 

projects launched by borrowers who live in daunting conditions are more preferred by 

lenders because they induce particular feelings of compassion and comprehension 

(Belleflamme et al., 2014). Indeed, if campaign descriptions are written with human-related 

language or with words associated with altruism, they exhibit a higher likelihood to be 

chosen (Pietraszkiewicz et al. , 2017). When this  ‘warm-glow’ sentiment is evoked and non-

economic benefits are alluded to, the probabilities of fundraising increase considerably. 

This can happen in several situations, for example when borrowers highlight their 
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organizational values or if psychological qualities such as resilience, certainty, hope and 

optimism are mentioned in the explanation of the initiative. The emotional aspect is 

absolutely underlined in prosocial crowdfunding to attract more funds, and this 

characteristic is also shared with angel investors, where entrepreneurs have the ability to 

emotionally engage investors and influence their financial choices (Huang and Pearce, 

2015).   

Another driver of crowdfunding participation is the willingness of being a member of a 

community that shares the same values promoted through the campaign (Gleasure and 

Feller, 2016). It has also been proved that the crowd tends to prefer charitable projects, 

where obtaining a loan means making a consistent difference in the lives of borrowers 

(Heller and Badding 2012). Furthermore, investors involved in prosocial lending follow the 

principles of microfinance. In this field, the impact of single donation is inferior than in 

equity-crowdfunding, because it enhances the benefits to borrowers and their community 

in the long run. 

Information asymmetry is another aspect to consider in prosocial crowdfunding. In general, 

it is characterized by an open call in which borrowers can be selected from the total number 

of lenders. Information asymmetries emerge when borrowers, one part, have the 

information that lenders, who represent the other part, would like to receive in order to 

make a proper decision (Stiglitz, 2002). If the number of loans is significant, investors will 

prefer projects where the human side is highlighted (Allison et al., 2015). In this 

circumstances, moral foundations in the borrowers’ profile could diminish the information 

asymmetry related to lending and enhance the social return of the campaign.   

The aforementioned aspects are a consequence of the application of Moral Foundations 

Theory (MFT). According to the MFT, if the borrower’s description presents some clues of 

morality, the lender will evaluate them as the borrower’s capacities for creating social 

value. As a result, this typology of an entrepreneur’s profile influences the backers’ decision 

making process. 

This theory was formulated to delineate a general framework of moral foundations. 

Numerous cultures of the actual society have built their psychological system on these 

principles. They can be perceived as an evolution of an individual’s moral foundations. They 
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are innate and inherited from the previous generation and differ from virtues because they 

can be modified through the sentiments felt by an individual during his lifetime. The Moral 

Foundation Theory classifies the moral system into five general foundations: 

fairness/reciprocity, harm/care, ingroup/loyalty, authority/respect, purity/sanctity. The 

first and the second are universal, all individuals have them; the rest are defined as 

primarily conservative.  

Fairness/reciprocity comprehends trustworthiness, justice and integrity and encourages 

relationship building among individuals. Harm/Care refers to kindness, compassion and the 

human propensity to protect and support individuals from harm. Ingroup/loyalty 

strengthens values such as self-sacrifice for the group, devotion, patriotism and distrust of 

members of other groups. Authority/respect is based on voluntary defense, admiration and 

esteem for good leaders. Purity/Sanctity promotes sentiments of elevation, spiritual virtue 

and sacredness with intuitions about divinity (Haidt and Graham, 2007). 

Borrower descriptions with some moral system-related cues have been shown to exhibit 

shorter funding periods in prosocial crowdfunding. In fact, it decreases the level of 

information asymmetry and amplifies the potential of borrowing for social value creation. 

Furthermore, universal moral foundations have a higher effect on lenders’ response than 

predominantly conservative ones, especially if they regard authority/respect or 

purity/sanctity. However, to produce an immediate reaction of investors, primarily moral 

foundations should be highlighted in the descriptive part about the borrower’s core 

business. The final result, combined with the universal moral foundations, will utterly 

attract a crowd of pro-social lenders and certainly reduce the funding period of the loan 

(Jancenelle et al., 2018).  

 

 2.1.2. The Effects of Prosocial Framing on Crowdfunding Performance 

Another feature to evaluate in this typology of crowdfunding is the hybrid orientation. 

When social and economic values are both promoted in a campaign, the odds of success 

are higher than initiatives dedicated to only one inclination. So impressive is the backers’ 

support that funds are collected faster and the possibilities of reaching the final goal are 

definitely multiplied (Moss et al., 2018).   



26 
 

This theory is also confirmed in reward-based crowdfunding, in particular in technology-

oriented projects, where an altruistic approach integrated with sustainability values are 

more likely to attract the attention of the crowd and its monetary contribution (Calic and 

Mosakowski, 2016). However, Kim et al. (2016) suggested another perspective: in the 

actual reality, projects that promote a social cause have less chances to achieve their target. 

Nonetheless, if they succeed, the final amount of money earned is consistently more 

significant than the one raised in the rest of typologies of campaigns.  

Further research asserts that pledges generated through crowdfunding can be divided into 

three categories: guarantees not corresponding to a benefit (for example nonreciprocal 

giving), promises equal to a concrete reward (like transactions) and deals that exceed the 

payoff (like reciprocal giving). If lenders’ return is non-material, the likelihood of a 

campaign’s success is drastically reduced. At the same time, projects with reciprocal 

benefits are positively related with the achievement of the final aim, while the chances 

diminish for initiatives based only on transactions (André et al., 2017). Moreover, as has 

already been explained, affective commitment and positive sentiments generated by the 

borrower’s description consistently support the success of a project.  

Two aspects have not yet been evaluated in the aforementioned analysis: the 

crowdfunding context and the implicit combination of social and economic objectives on 

the same platform. Regarding the first element, some platforms, like Kiva.org, clearly 

present the social mission and investors are aware of noneconomic compensation derived 

from their participation. In fact, scholars have confirmed that the social cause is an 

additional factor in determining the success of a campaign. On the contrary, the second 

category of platforms, like Kickstarter, promotes the self-interest of lenders and the 

benefits generated by the social mission of the initiative are only a consequence of the 

structure of the project. In fact, reward-based crowdfunding attracts investors because of 

the reward itself that will be received once the final target is reached. This general debate 

has more relevance in a scenario where the personal interest should be balanced with the 

social interest of investors. In fact, several studies analyze profit and economic companies 

separately, considering them as different phenomena, in order to detect the main 

investors’ motivations to participate in crowdfunding. According to theories of 

entrepreneurship,  the most popular concept is economic rationality: lenders are usually 
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motivated by their own interest, which cannot be simultaneously combined with a social 

interest. As a result, initiatives characterized by an economic return cannot also pursue a 

social cause.  

This thesis is confirmed in crowdfunding campaigns financed by institutional investors. On 

the other hand, the number of businesses that integrate and merge personal and social 

aims is continuously increasing and is achieving a wider audience and a more significant 

amount of resources (Van de Ven et al. 2007). Another interesting aspect regards the 

difficulties of promoting a pro-social message in the crowdfunding scenario, even though 

it has an innovative and digital background. Several analyses of communication have 

demonstrated that the level of information is so overblown that it is challenging the 

identification of right and useful news. Therefore, further examination of the framing of 

information is fundamental to properly choose the crowdfunding platform to invest. 

The concept of framing relates to the organization, selection and packaging of information 

about a cause, a service, an issue, a product or a situation that allows the audience to 

interpret, understand and elaborate it (Giorgi and Weber 2015). It has two main functions: 

acting as a marker in the distinction between two similar objects; gaining the appreciation 

and support of the crowd. In the former case, when the term “green” is used, marketers 

highlight the environmental cause promoted by the project to attract investors interested 

in ecological themes. In effect, framing encourages audience selection from a set of 

options. While, if framing is implemented in social movements, financial reports or political 

meetings, it is considered as a powerful means to select a specific choice and motivate the 

audience in the achievement of a particular goal.  

Numerous scholars have analyzed prosocial framing in the context of crowdfunding and 

argued that it effectively contributes to improving a company’s performance and 

promoting optimistic investment recommendations (Olsen et al. 2014). In fact, when the 

environmental issue is mentioned in a particular initiative,  clients’ behavior improves 

significantly compared to the general attitude so far.  

Nonetheless, how the frame is inserted into a project description is crucial to generate the 

expected reaction of the crowd. The frame can be included in written texts by following 

two general approaches.  
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Firstly, some entrepreneurs may use multiple terms related to a specific theme to 

emphasize a particular frame. At the same time, too many connections could produce the 

opposite effect. In general, one or at most two references are sufficient to capture the 

audience’s attention. If this ground rule is not respected, framing references could be 

perceived as suspect (Levin et al., 1998). In addition, organizations that promote their 

activities with too much emphasis, have less probabilities of being funded (Parhankangas 

and Ehrlich, 2014).  

Secondly, when a concept is highlighted in the textual description, the importance of other 

notions is seriously reduced (Burke, 1984). Therefore the resulting explanation may not 

present a complete and satisfying overview of the initiative, generating a sense of 

uncertainty. For instance, the accentuation of prosocial framing will hide the rest of values 

and ideas described in the campaign.  

This can directly lead to another fundamental aspect to evaluate: self-interest always 

prevails over social interest. This means that individuals appreciate prosocial characteristics 

of products only if they are combined with their functionality (Crane 2001). Therefore, if 

the emphasis on prosocial framing is correct, the other benefits associated with a reward 

will also be highlighted and the consumer will make a proper decision. For example, a zero-

emission campaign adopted by a firm and the natural ingredients mixed to create their 

facial products will be utterly appreciated by the client if the effects are also impressive on 

skin texture or final price.  

The same situation is also evident in crowdfunding projects, where too much information 

only on customer relationship management will produce negative effects because the rest 

of crucial concepts fall in the background and the probabilities of success diminish. The 

solution is a balanced representation of economic and prosocial values. Furthermore, the 

importance of prosocial framing varies according to the typology of crowdfunding. For 

instance, in the reward-based form, items’ characteristics should be underlined to draw 

the attention of the crowd. Moreover, the scheme of the information represents a 

fundamental aspect to consider, especially in digital scenarios, where it depends on the 

hypertext structure (Zhang and Salvendy, 2001). Interested investors can land on the 

campaign’s page through a web-link or going directly to the platform page. In the latter 

case, every project displays a title, an image, a brief promotional phase and a hyperlink to 
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its page. From a backer’s point of view, he will see the title first, then the blurb and, only at 

a second phase, his focus will shift to the rest of the details. This means that the most 

important decision for borrowers regards the definition of the title and the blurb. When 

the text is too complex to be understood, the investor’s attention will be dedicated only to 

the headline. If prosocial terms are inserted in these two sections, the opposite effect will 

result due to the low word count. Consequently, prosocial cues should be mentioned in the 

project description and strategically combined with the rest of the concepts to efficiently 

promote the initiative and reach the audience.  

Crowdedness is another crucial aspect and represents the vast number of alternatives 

spread across digital markets that also enhances the competition among participants 

(Hansen and Haas, 2001). This phenomenon is extremely popular in the crowdfunding 

scenario where so high is the number of projects that it is really difficult to capture the 

attention of backers. The large set of initiatives requires a significant cognitive burden from 

individuals who have limited information processing capacities. When the amount of 

information increases, common human behavior applies cognitive strategies that make 

decisions less accurate and precise, but more feasible; they usually restrict attention to a 

limited number of features of a specific alternative. This means that individuals maximize 

the benefits and minimize the costs related to information processing.  

Numerous studies prove that consumers only notice the most interesting characteristics of 

the products when the amount of information is consistent (Lurie, 2004). This means that 

the linguistic role is fundamental in the choice of a particular project. Consequently, 

prosocial terms should be added in crowdfunding initiatives to reduce cognitive burden. In 

fact, they can be considered as selection attributes and drive investors’ attention to 

particular themes. Therefore, as crowdedness increases on crowdfunding platforms, 

prosocial framing should be considered as a strategic tool to attract more lenders and 

augment the likelihood of a campaign’s success. 

To sum up, prosocial framing is a fundamental aspect to include in the textual description 

of a crowdfunding project. If it is moderately emphasized, the possibilities of collecting 

more financial resources arise, whereas, in the case of overuse, the opposite effect is 

generated. In addition, the final result depends on the level  of crowdedness of the online 

platform: as crowdedness augments, the negative outcome of excessive prosocial 
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orientation is reduced, while the positive effect of limited prosocial orientation is 

reinforced (Defazio et al., 2021).  

 

 2.1.3. Sustainability-Oriented Campaigns and Their Implications in Crowdfunding  

In the crowdfunding sector, the project creator should establish a relationship with the 

audience in order to have higher probabilities to succeed. Updates on projects 

development are significantly appreciated by backers and an appropriate linguistic style 

should be adopted to capture their attention (Cho and Kim, 2017). These aspects should be 

even more highlighted for sustainability-oriented projects, where investor can receive only 

intangible benefits (Parhankangas and Renko, 2017). This typology of initiative promotes 

long-term objectives, like the development of a social situation, and could be perceived as 

a lack of reward when compared to commercial projects. For this reason, the role of the 

creator is fundamental to involve investors in social initiatives rather than economic ones. 

The resulting uncertainty is a combination of the risky nature of the investment and the 

difficulty of measuring the impact of the project in our reality due to its long-term effects. 

To solve this issue, funders should be more focused on the realization of the campaign. A 

more detailed description of the project with images and videos should be associated with 

an explanation of the concrete realization of the project. According to Moral Foundation 

Theory, if the aforementioned factors are integrated with positive values and sentiments, 

the fundraising performance of the project can utterly increase and reduce the perceived 

unpredictability (Baucus and Mitteness, 2016). Therefore, creators of sustainability-

oriented campaigns should strengthen their communication skills and support backers in 

their decision-making process to let them understand the opportunities and the 

importance promoted by social projects.  

Numerous studies state that some characteristics of backers influence their funding 

decisions such as risk attitude, geographical distance and culture (Zhao et al., 2017). 

Moreover, the success of the campaign depends on the combination of multiple elements 

related to lenders, starting from their level of participation and integration, promotion of 

the project via social media, attraction of more potential backers who might be interested 

in the initiative etc. In general, the online word of mouth mechanism generates social 
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benefits for the project because it increases its popularity. Lenders of sustainability-

oriented projects are expected to leverage more than funders of commercial initiatives the 

aforementioned factors, for the higher level of uncertainty of reaching the final goal and 

the non-tangible reward that will be received from this typology of project (Hörisch, 2015). 

To overcome this challenge, creators should individualize certain figures among the crowd 

of investors who believe most in the social cause. They can be designated as official 

ambassadors of the campaign to spread news, credibility and positive feelings on their 

social network. Consequently, trustworthiness and reliability of the funder are enhanced, 

whereas perceived risks and negative sentiments are drastically reduced. Therefore, the 

role covered by backers in sustainable and social projects affects more campaign success 

than commercial initiatives (Petruzzelli et al., 2019).  

Some dissimilarities have emerged in the confrontation of multiple theories on 

sustainability-oriented campaigns. Several studies affirm that the likelihood of success is 

higher for this type of initiatives (Calic and Mosakowski, 2016). On the other hand, other 

scholars believe that social and environmental projects are less profitable than commercial 

ones (Hörisch, 2015). It is also true that the probabilities of success are significantly 

influenced by the growth of the market. Nevertheless, a common theory should be defined 

to understand which factors are determinant for the promotion of social and sustainable 

campaigns or which elements should be included to reach a higher audience.  

In general, to lower the level of uncertainty and mitigate the intangible nature of the goals 

being pursued, more tangible goods can be offered. However, increasing the number of 

pledges could encourage a further distinction among lenders, to understand if they really 

believe in project cause or are only interested in economic returns (Belleflamme et al., 

2014). Based on the aforementioned theories, social and sustainable projects that provide 

more tangible rewards are preferred over the ones offering non-material goods. It is also 

true that a segmentation realized through the detection of the principal investors’ 

motivations has a positive impact on the success probabilities (Petruzzelli et al., 2019). 

A further aspect to evaluate regards local institutional support to launch a crowdfunding 

campaign. This aspect acquires more importance for sustainability-oriented projects, 

where institutional contribution is considered crucial to spread consensus and awareness 

among the population. Themes such as circular economy, climate change and pollution fall 
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under this typology of crowdfunding and, when the cause is also supported by institutions, 

more lenders will be interested in the project and the chances of success will increase 

significantly.  

In addition, cross-networking is another variable influencing a crowdfunding campaign. On 

one side, project creators choose the platforms with more lenders because popularity is 

one of the multiple factors influencing a crowdfunding initiative. On the other side, backers 

prefer platforms where high-impact projects are promoted, the financial return is 

impressive and the pledges received satisfy their expectations. This means that the 

structure of the platform is fundamental to facilitate access, guarantee supply-demand 

matching and advertise campaigns (Galuszka and Brzozowska, 2017). 

Therefore, the crowdfunding platform covers a crucial role in the success of sustainability-

oriented projects. In fact, if eco-friendly initiatives are launched on crowdfunding 

platforms, they have more probabilities of being funded. The marketing phase is also 

facilitated: copying the direct hyperlink to the project on social media augments the 

visualizations and reaches a wider audience (Petruzzelli et al., 2019).  

The phenomenon of crowdfunding has only recently been analyzed by several scholars, 

despite impressive achievements realized over the past decade. Some studies prove that 

good performance and professional investors raise the amount of financial resources 

collected and this positive impact will be also reflected in the final market (Viotto da Cruz, 

2018). Numerous findings affirm that crowdfunding has broadened access to the financial 

world and this effect has enhanced the growth of small and medium enterprises in 

economic and social sectors. While, only a relatively small number of scholars have 

examined what happens once a crowdfunding campaign has reached the desired outcome. 

The theory regarding the positive relationship between good performance and campaign 

success is confirmed not only for commercial crowdfunding, but is even more valid in social 

projects for diverse reasons. Firstly, sustainable-oriented initiatives find numerous 

obstacles in seeking financial resources through the traditional intermediaries (Choi and 

Gray, 2008). Consequently, crowdfunding has become the most popular and reliable 

alternative in the Fintech scenario. Secondly, prosocial crowdfunding draws public 

attention to social or environmental themes and promotes sustainable attitudes to be 

adopted in the actual reality. As a result, by sensitizing public awareness, crowdfunding has 
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accelerated the process of the realization of a more sustainable society (Petruzzelli et al., 

2019). 

 

 2.2 The case of Kiva 

Kiva is an acknowledged crowdfunding platform founded in 2005 in San Francisco and 

operates across underdeveloped countries, where more than 1.7 billion people have 

difficulty accessing financial services. In fact, it targets borrowers who would like to receive 

support to improve their living conditions, launch their business or develop the quality of 

services offered by their small enterprises.  

Actually, Kiva presents 2.2 million of lenders and 4.6 million of borrowers and operates in 

more than 70 countries on 5 continents. These significant results have been achieved 

through the collaboration with 450 volunteers and 4.351 Field Partners and Trustees, who 

support the connection with borrowers. Field Partners are usually microfinance 

institutions, but can also include schools, social enterprises and NGOs. Whereas, Trustees 

endorse loans to borrowers who prefer direct loans, which are not administered by Field 

Partners. They share a desire of effectively improving people’s life conditions guaranteeing 

access to credit. Indeed, Kiva provides the possibility to invest in different projects 

simultaneously, with a minimum offer of $25. Lenders can also choose to make a donation 

in addition to the loans. In fact, operating costs are covered by Field Partner service fees 

and the contributions of backers, foundations and Kiva supporters. This fundraising model 

not only enhances sustainability, but also stimulates the crowd to aid the organization 

concretely.  To have a general idea of the magnitude of this organization, just consider that 

1.9 million of loans have been financed and an average of $2.5 million in loans is funded 

each week.  

Kiva is constantly innovating to satisfy the needs of lenders with more flexible terms, 

promote community-wide projects and reduce costs to borrowers. Expanding a business 

generates benefits for the entrepreneur, his family and the community where he lives. It 

allows market growth creating more job opportunities and improving living conditions. In 

fact, one of the Kiva’s most iconic slogans is “Lifting one, to lift many”.  
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Its popularity and effectiveness are also reinforced by the application of rigorous and rigid 

due diligence requirements. In fact, Kiva encourages all lenders to inquire about the risks 

of investing in micro-lending organizations. The loan repayment rate can vary and it 

depends on economic and demographic variables. How the loan is administered is another 

fundamental aspect to evaluate in defining the related level of due-diligence. In fact, the 

majority of loans are managed by local partners with a presence of more than 80 countries. 

Kiva selects Field Partners before allowing them to post loan requests on the platform. It is 

also true that South America borrowers can only apply for direct loans due to their 

unprivileged conditions that significantly influence their credibility and reliability. 

Therefore, this typology of loan has a higher default rate and the repayment terms could 

be not met. Nonetheless, this demonstrates that Kiva reaches and supports populations 

that even microlenders cannot serve. In fact, it has received several recognitions for its 

commitment, such as the Wall Street Journal Financial Inclusion Challenge in 2015 for 

operational effectiveness or the Google’s Global Impact Award for expanding financial 

access and sharing results (kiva.org).   

Several studies have been conducted on Kiva to examine it from different perspectives and 

detect the principal determinants of its impressive global success. One interesting aspect 

to analyse is its general structure. It encompasses four actors: borrowers, lenders, partners 

and the platform. The cycle begins with borrowers seeking a loan through one of Kiva’s 

partners (Figure 2.2.1). The latter plays the role of financial intermediaries between the 

borrowers and the lenders and evaluates the application by considering various aspects, 

such as the borrowers’ profile, his needs, his family situation, his motivations for asking for 

a loan and how the loan will be effectively invested. Further financial analysis is provided 

to identify the borrowers’ repayment capacity, borrowers’ reliability, creditworthiness, 

estimated duration of the loan, relative default rate and other technical requirements. 

Once the due diligence is completed, the partner posts an explicit and coherent description 

of the loan details and the borrower profile on the platform. On the other hand, lenders 

examine the initiatives promoted on Kiva and decide which one to invest in. The following 

step comprehends the collection of funds, after which Kiva transfers the amount raised to 

the partner, who directly finances the borrower while also taking into account the interest 

rate calculation. The evaluation of this parameter depends on economic aspects, like the  
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Figure 2.2.1. The Kiva structure 

 

Source: Moleskis M, Alegre I, Canela MA (2019), Crowdfunding Entrepreneurial or Humanitarian 

Needs? The Influence of Signals and Biases on Decisions, Nonprofit and Voluntary Sector Quarterly, 

48 (3), 552 - 571 
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risk characteristics associated with a borrower, and the partners’ ongoing operations. In 

the final stage, Kiva remunerates lenders proportionally to their investment (zero interest 

rate loans) and the amount repaid by the borrower, with an average repayment rate of 

96.4% (Moleskis et al, 2019).  

 

 2.3. The Comparison of Research Questions based on The Kiva Dataset 

In the past decade, numerous scholars have conducted diverse analysis through the 

implementation of the Kiva dataset. Various themes have emerged such as the impact of 

gender differences in crowdfunding or racial discrimination in microfinance etc. (Gafni et 

al., 2021; Luo, Ge, 2018). To detect which aspects of prosocial crowdfunding have not yet 

been discussed in the actual literature, the next paragraphs will illustrate a comparison of 

the topics emerged through the analysis of Kiva variables.  

 

 2.3.1. The Impact of Loan Purpose on The Success of a Prosocial Crowdfunding  

    Campaign 

The first study examines how much the success of a project is influenced by the 

characteristics of loans. In particular, two main categories can be distinguished: essential 

loans and business loans. The former is usually requested to support health, housing or 

educational needs. Whereas, the latter is a useful tool to promote business causes such as 

starting a new activity, expanding small enterprises and improving the quality of goods or 

services offered.   

The data analysis reaches three different results. Firstly, in prosocial crowdfunding 

platforms,  loans aimed to meet urgent needs are preferred over consumption loans due 

to the ethical behaviors of the backers. Secondly, as the size of investment increases, the 

default rate associated with a loan rises. Therefore, the level of uncertainty is higher, the 

risk of over-indebtedness becomes more feasible and backers will only finance loans of 

inferior size. Thirdly, loans promoted by female borrowers are more popular. Indeed, 

women receive expected financial resources more rapidly if they cover essential needs than 

ones launched by male borrowers. Unfortunately, the gender difference may cause an 
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adverse effect: men would feel inferior to women and force them to dedicate only to 

household activities and family necessities (Gafni et al., 2021).  

 

 2.3.2. Racial discrimination in Microlending Platforms 

In the traditional market, ethnicity is an indicator of creditworthiness and significantly 

influences investors in their decision making process. On the contrary, this information is 

not provided in crowdfunding. Consequently, other variables are perceived as signals of 

borrowers’ reliability, such as the funding process of the campaign and the general attitude 

of lenders (Zhang and Liu 2012). In addition, White borrowers are considered more 

trustworthy than minorities. 

Another prevalent attitude in crowdfunding concerns funders, who tend to behave more 

prosocial when their profile is easily identifiable on the online platform and, for this reason, 

support the minority with more enthusiasm (Chen and Li, 2009). Moreover, investors’ 

contributions are relatively small in the case of microfinance. Therefore, they focus more 

on information related to social welfare of the campaign and reduce the attention on riskier 

factors like race or ethnicity.  

The empirical analysis proves that ethnic/racial discrimination is not a determinant variable 

for the success of a crowdfunding campaign. Nonetheless, some differences can be pointed 

out. Investors support African Americans’ loans with an inferior average amount, while 

American lenders are less represented in loans to Africa Americas than to Whites. Even 

though the ethnic or racial discrimination might also prevail in crowdfunding. At the 

moment the nationality of the borrower does not influence the probability of being funded 

because lenders come from diverse countries and are located all over the word (Luo, Ge, 

2018).  

 

 2.3.3. The Determinant of Credit Default in P2P Microfinancing Platforms 

Risk uncertainty has been extensively researched in credit markets and information 

asymmetry is a primary factor that increases repayment risks in peer-to-peer 

microfinancing platforms. In fact, microfinance institutions play the role of intermediaries 
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between lenders and borrowers in order to facilitate their communication. In addition, the 

majority of backers do not have a financial background and cannot evaluate the actual 

default rate associated with the diverse loans (Herzenstein et al., 2011). On the contrary, 

MFIs have the possibility of monitoring the borrower’s behavior, obtaining more 

information on his profile and his credibility. Furthermore, they can apply some tactics to 

obtain an appropriate interest rate and fair contract terms considering also the comparison 

with other transactions in related markets (Hoff & Stiglitz, 1990; Stiglitz & Weiss, 1983). In 

fact, the analysis conducted on Kiva data confirms that the role of MFI is crucial for the 

prevention of repayment issues by individual entrepreneurs and groups of borrowers 

(Dorfleitner, Oswald, 2016).  

Group lending with joint liability is an innovative aspect in lending crowdfunding. It 

substantially reduces the default risk rate because more borrowers can guarantee for each 

other’s reliability. It also facilitates monitoring by MFIs due to a previous screening is 

applied by each borrower to create a homogeneous group. Another advantage regards the 

dilution of  borrowing costs: even though every borrower has the same loan contract, the 

related costs are reduced if the level of trustworthiness is higher. Consequently, more small 

entrepreneurs can join market initiatives and the group's average probability of loss of 

repayment decreases (Morduch, 1999).  In addition, empirical study states that the default 

risk rate and group lending are not negatively related (Dorfleitner, Oswald, 2016). 

Progressive lending is considered a significant incentive for loan repayment because it 

supports the borrower’s access to future loans based on the evaluation of his actual and 

past repayment history. Indeed, customers who have fulfilled the terms of the contract, 

are more likely to participate in future crowdfunding initiatives. In addition, associated 

default rates will consistently decrease and, consequently, their official profile will certainly 

improve (Morduch, 1999).  

It is also true that some loans features should be examined in relation to the progressive 

lending concept. In fact, long loan terms could cause serious issues for borrowers living in 

poor conditions. They are forced to save enough money for repayment and, at the same 

time, the maturity of their activities could have already come to an end. On the other side, 

short term loans may negatively influence borrowers’ conditions because they would have 

a short period to regenerate the funds received. Kiva’s data confirm the theoretical 
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assumptions: as the size and duration of the loan grows, the probability of default increases 

(Dorfleitner, Oswald, 2016).  

Traditional microloan contracts provide regular installments one or two weeks after loan 

disbursement. Microfinance institutions also adopt this practice, despite the high 

transactional expenses, because they receive immediate information about their clients' 

repayment discipline and ability to repay. At the same time, this represents an education 

method to support borrowers comply with their obligations on a regular basis. In fact, MFIs 

can evaluate the borrower’s risk profile and income level. Repayment obligations should 

usually be satisfied after the loan is disbursed. This means that the borrower’s financial 

resources should have been collected before the loan application. In this situation, MFIs 

can intervene to support the borrower and lend part of the total investment amount, 

ensuring repayment even if unsecured (Armendariz de Aghion & Morduch, 2000). Few 

studies have approached this question and their results have not reached the same 

conclusions. In this case, two theoretical hypotheses can be delineated: the probability of 

default diminishes if loans have highly regular repayment obligations; the default rate 

increases with loans characterized by a grace period. Empirical analysis, based on Kiva data, 

states that grace period and loan term positively influence the probability of default 

(Dorfleitner, Oswald, 2016). 

In peer-to-peer crowdfunding, female borrowers exhibit better repayment behavior in 

comparison to men. Indeed, microfinance institutions show that the women’s borrower 

profile is associated with a low default risk rate. According to global research, women are 

not only better at managing credit risks, but they also prevent credit default (D'Espallier et 

al., 2011). Beyond financial analysis, women-led businesses outperform male 

entrepreneurs (Kalnins & Willians, 2014). The achieved outcomes can also be evaluated 

through consideration of theories  of moral hazard and risk-aversion.  

Moral hazard is manifested when asymmetric information is present between two parties. 

In particular, after the agreement between the two parties is defined, one of them changes 

his behavior. Whereas, asymmetric information regards situations in which one party has 

more material knowledge than the other one. The related concept is adverse selection: it 

refers to situations where retailers have more information than purchasers. This 
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phenomenon is usually characterized by asymmetric information. For example, when a 

seller knows more details about product quality than the buyer (Nickolas et al., 2022).  

Therefore, women have a low moral hazard risk derived from a combination of multiple 

factors, such as observance of social sanctions, low level of mobility and limited choice of 

financial alternatives (Armendariz de Aghion & Morduch, 2010). The latter motivation 

expresses the social background of women in underdeveloped countries. They are usually 

excluded from the labor market of developing nations because of the numerous access 

barriers (Emran et al., 2011). The only solution for them to start their own business and 

improve their living conditions is microfinance. For this reason, they always comply with 

the terms of the loan contract and can be considered as better customers for MFIs. 

Nevertheless, Kiva’s data show a weak relationship between the probability of default and 

women’s role as professional micro borrowers. These results may evidence the 

consequences of the gender effect (Dorfleitner, Oswald, 2016).  

 

 

 

 

 

 

 

 

 

 

 

 

 



41 
 

III The Characteristics of Successfully Funded Projects:  

Empirical Analysis of Microlending on Kiva 

The empirical analysis was conducted to investigate the microlending situation on Kiva 

from 2005 to 2021. Considering the theoretical background illustrated in the previous 

chapters, some aspects of Kiva have not yet been examined in the actual literature. In fact, 

the borrower’s profile has only been described with some variables such as gender, age, 

individual or group activities, nationalities etc. In addition, numerous loans features have 

been evaluated: funding time, default rate, size, terms, status (repaid or expired) etc. 

(Dorfleitner, Oswald, 2016; Luo, Ge, 2018). Nonetheless, the actual application of the loan 

associated with the borrower’s personal situations have not yet been identified. 

Therefore, two research questions can be individualized: 

1. What are the borrower’s backgrounds usually related to specific loan purposes? 

2. What are the characteristics of the project that positively impact the borrower’s 

possibility of being funded?  

In the Kiva dataset, the general framework where the borrower’s lives and his personal 

conditions are expressed by the description variable, whereas the future implementation 

of the funds in the borrower’s life is represented by the use variable.  

 

 3.1.  Dataset Description 

The Kiva dataset comprehends different sections2:  

• A single csv-format file of 219.337 observations and 26 variables covering the years 

2005 to 2010 and four xlsx-format files with only the variables use and description; 

• Regarding data related to later years, the followed structure comprehends a single 

csv-file per year, which variables are 26 and the number of observations ranging 

from 100.000 to 230.000, and two or at most four xlsx-format files with the 

variables use and description. For instance, the dataset of 2011 presents 109.334 

 
2 The Kiva dataset is available at http://kivatools.com/downloads 
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observations; while, the same number of observations regarding the variables use 

and description are divided into two xlsx-format files; 

• Five xlsx-format files related to the Partners, Trustees, Activities, Sectors and 

Countries. In particular,  the file of Partners has 563 observations and 18 variables; 

the “Trustees” file presents 1511 observations and 2 variables; the “Activities” file 

has 163 observations and 2 columns; the “Sector” file displays 15 observations and 

2 variables; the “Countries” file shows 98 observations and 2 variables. 

The overall study was performed on Jupyter Notebook, a web-based interactive computing 

platform available on Anaconda software, implementing Python Programming Language. 

The analysis is divided into diverse parts: starting with data cleaning, followed by data 

visualization, topic modeling and data modeling.  

 

 3.2. Data Cleaning  

Data cleaning, or data cleansing, aims to improve the quality of data through the 

identification of inconsistencies and errors. When several data sources are integrated, this 

phase acquires more relevance because the probabilities of incongruences significantly 

augments (Rahm, Do, 2000) (see Appendix A). 

After loading libraries and reading the aforementioned files, some common steps are 

applied in all datasets, starting with the calculation of null values across the different 

variables. The column TrusteeId presents the ID of the Trustees and it has only null values. 

For this reason, it is deleted in all datasets (this also implies that the eventual join with the 

dataset of Trustee is not applicable). In addition, some rows have all the information of the 

diverse variables in just one column. The best choice is to remove them due to the few 

number of cases. For example, in the dataset 2005-2010 they are equal to 33. Other null 

values are also in city and loanName variables and are substituted with the value ‘Not 

specified’ to avoid dropping the values of the remaining columns. Moreover, several 

datatypes are not correct as in the case of fundraisingDate, transformed into date format, 

or ActivityID, changed into integer. The last operation regards the application of “info” and 

“describe” methods in order to obtain a complete overview of the dataset and the main 
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indicators such as mean, standard deviator, maximum, minimum, quantiles of each 

column3.  

Further operations are applied in specific cases, depending on data inconsistencies. In fact, 

in the feature plannedExpirationDate of the dataset of 2018, not only the date is displayed, 

but also the time. The last one is eliminated through the “slice” method that extracts only 

a section of a string.  

The next step regards joining the diverse datasets per year. For example, the dataset that 

covers years from 2005 to 2010, is joined with the different datasets of the same year that 

comprehends use, description, ActivityName, SectorName, CountryName, PName and 

other features related to the description of partners.  Two typologies of join are applied: 

the inner and the outer. The first selects records from two datasets if there are matching 

values in a common variables to both datasets (in this case is the id of the transaction). 

Whereas, the second returns unmatched values and matched values from both datasets 

(Brumm B, 2019). The latter is implemented for the creation of a unique dataframe with 

use and description variables, distinct per year because they are divided into two to four 

files to reduce the file size and facilitate the upload.   

The results of the several joins are the creation of 12 datasets (one per year, except for the 

first that includes years from 2005 to 2010) with 46 variables and a number of observations 

ranging from 100.000 to 230.000. Due to the limitations of the RAM of Jupyter Notebook, 

a unique dataset is defined: 3000 observations are randomly taken from the 12 datasets 

and the resulted ones are outer joined. The final dataset involves all years and displays 

36.000 observation and 46 features. 

 

 3.3. Data Visualization  

Data Visualization is the graphical representation of data. It is considered a crucial part to 

individualize principal trends, calculate statistical summaries and apply data 

transformation in order to facilitate the interpretation and obtain a clarification of the 

phenomenon (Unwin A, 2020). 

 
3 See pandas documentation, version 1.5.3 
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To comprehend the current situation in developing countries, Region and SectorName 

variables are analyzed. The first refers to the geographical areas of the borrowers, while 

the second distinguishes the several sectors diffused in the nations described in the 

dataset. The Figure 3.3.1 shows that food, agriculture and retail industries are prevalent in 

Oceania, Africa, Asia, Eastern Europe and North, South and Central America. It is also 

noticeable that agriculture equals to 40% in Eastern Europe, food is around 35% in Oceania 

and retail presents a value of 20% in all areas, except that Middle and Easter Europe, where 

education and services have a significant diffusion.  

 

Figure 3.3.1 – Sectors by Region 

 

 

The sectors’ distribution can be also examined from a different perspective, considering 

the impact generated on Kiva performance by distinctive subjects. Lenders, teams and 

borrowers are fundamental factors to highlight in order to have a complete overview of 

the Kiva’s structure. In fact, the presence of lenders is definitely more consistent than the 

ones of borrowers and teams. In particular, agriculture, food and retail are again the main 

categories where lenders prefer to invest in because the majority of borrowers’ and teams’ 

requests are concentrated in the three fields. The total number of lenders equals to 

199.747 k  in agriculture, while is around 150 k in food and retail. Whereas, borrowers are 

more homogenously distributed in the three sectors with a total amount of around 68 k. 
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On the other hand, the number of teams is utterly inferior than the previous two classes 

and their average distribution is around 17k (Figure 3.3.2). 

 

Figure 3.3.2 – Lenders, Teams and Borrower Presence by Sectors

 

 

Another major role is played by partners, the Kiva intermediaries between borrowers or 

teams, and lenders. They can distinguished into four groups based on their current status: 

24k are active and represents the 68.5% of the total. Whereas, 25.9% are closed, followed 

by 3.06% as paused and 2.52% as inactive (Figure 3.3.3). To better investigate the general 

motivations beyond their status, it should be evaluated the relative default rate categories.   

 

Figure 3.3.3 – Partner Status Distribution

 

 



46 
 

The Field Partner risk rating reveals the risk associated to institutional default of every 

Kiva’s partners. It can be expressed with a minimum value of 0 until a maximum value of 5, 

but the interpretation is opposite. The Field Partner represented by rating of 5 has the 

lower risk of institutional default. On the contrary, the partners associated with rate equals 

to 0 have higher possibilities of default (kiva.org). As can be notice in the Figure 3.3.4, the 

role of intermediaries is crucial to increase the probabilities of repayment and, in fact, 

active partners have a default risk of 5, while the ones with a closed status are correlated 

to the maximum level of uncertainty.    

 

Figure 3.3.4 – Risk Rating Distribution by Partner Status 

 

 

To better examine strengths and stability of Kiva’s microfunding, other indicators can be 

underlined. A Field Partner’s average loan size corresponds to the percentage of the a 

nation’s gross annual income per capita. This means that loans with a low percentage of 

gross national income per capita are more diffused in underdeveloped countries. At the 

same time, they are more expensive for the Field Partner to generate, disburse and raise.  

The default rate associated with the numerous partners equals to the ratio of amount of 

ended loans defaulted and amount of ended loans. In general, a situation of default occurs 

in two cases: when the raise of funds from a partner or a borrower is doubtful; when the 

total amount repaid as a quarterly reconciliation is inferior than the amount that should 

have collected as of 360 days prior and no repayments are confirmed during this time.  
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Loans at risk rate regards the percentage of arrears. In fact, it is equal to the percentage of 

loans being paid back by a Field Partners with a past due in repayment by at least one day. 

It does not indicate specifically a delinquency of a borrower or a Field Partner. However, it 

is a crucial index to consider in the repayment phase (kiva.org).  

The Figure 3.3.5 illustrates that the average default rate reached its peak in 2006, followed 

by a declining trend. Whereas, the average loan size per capital income increased until 

2012. In the next two years it started to decrease, while, since 2016, it shows a constant 

value. The only measure with an exponential trend is the average loan at risk rate. As a 

result, the graph confirms the theoretical assumptions of the previous chapters: even 

though the probabilities of not being repaid is growing, lenders choose to invest in 

unprivileged borrowers’ project because they are more interested in supporting the social 

cause than obtaining the financial return.  

 

Figure 3.3.5 – Distribution of Crucial Rates over the Years 

 

To understand the global situation impacted by the Kiva mechanism, the map offers the 

possibility to immediately individualize the funded amount associated with each country. 

The first place is held by Philippines, followed by Kenya and Peru (Figure 3.3.6)4.  

 
4 To realize the graph shown in the Figure 3.6, another dataset is considered. It comprehends the 
list of ISO country codes provided by Wikipedia.  
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Figure 3.3.6 – Total Number of Funded Amount by Country

 

 

In fact, the situation is confirmed in the Figure 3.3.7 in which is highlighted the loan amount 

distribution across countries. Philippines presents the highest number of funds, equals to 

$2.7million, followed by Kenya with $1.8 m and Peru with $1.7 m. The last position is 

covered by Palestine, where the total is $630 k and still represents an impressive result.  

 

Figure 3.3.7 - Loan Amount Distribution in The First 15 Countries 

 

 

To have a more detailed insight, another interesting aspect to note is the distribution of 

loan amount across sectors. As can be deduced from the Figure 3.3.1, agriculture, food and 

retail are not only the most dominant industries, but also the branches with the most 
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consistent loan amount. A value of 7.0 m is achieved in agriculture, followed by 6.4 m in 

food and 5.5m in retail (Figure 3.3.8).  

 

Figure 3.3.8 – Loan Amount Distribution Across Sectors 

 

 

On the other hand, the activities with the more significant loan amount are farming with a 

percentage of 19.3%, general store with  14.1% and retail with 13.3%. The rest of them are 

showed in the Figure 3.3.9, where it is evident that the last place is covered by fruits and 

vegetables, if only the primary ten activities are estimated.  

 

Figure 3.3.9 – Top Activities based on Loan Amount 
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Another point of view it is offered by the relationship between the LoanAmount variable 

and status. The latter indicates whether the loan is funded or past due. The two outcomes 

can be analyzed with a further variable: SectorName. As a result, the Figure 3.3.10 

illustrates that the highest values of expired and funded loans are both present in the 

agriculture field. It is also true that the majority of loans are repaid, while only a small 

segment are expired. The left bar plot evidences that personal use and entertainment are 

the additional branches with the most significant amount of expired loans. Whereas, the 

right graph confirms that the maximum values are of funded loans are reached  in food and 

retail. 

 

Figure 3.3.10 – The Status of Loans Categorized by Sectors 

 

 

The last bar plot evaluates the relationship between the loanAmount, repaymentInterval 

and SectorName. As it can be noticed in the Figure 3.3.11, three forms of repayment 

intervals are provided: monthly, at the end of the loan duration and irregularly. The most 

frequent is the first one, followed by the second one and the third one. In addition, the 

“irregular” and “at the end” typologies are more applied in the agriculture sector.5 

 

 
5 To examine how the illustrated graphs are realized, see the Appendix B where some examples are 
included.  



51 
 

Figure 3.3.11 – The Repayment Interval Divided by Sectors

 

 

 3.4 Topic Modeling  

Topic modeling is a clustering method for textual data in order to rapidly identify the main 

themes discussed in a document (Blei, 2012). It has been implemented in numerous fields 

such as social sciences and economics. Recently, it has been also extended to social 

networks to detect the main concepts diffused on the posts and individualize eventual 

issues (Kim, Ju, 2019). In addition, it also represents a strategic tool in environmental 

sector. In fact, it has been applied to study the public perception on questions regarding 

climate change, pollution effects, economic growth (Tvinnereim, Fløttum, et  al., 2017). 

Consequently, it has become one the most valid means in dealing with textual data, 

considering the substantial utilization over the last decade (Savin et. Al, 2023). In this 

analysis, topic modeling has been fundamental for the examination of use and description, 

two alphanumeric variables. Before this step, some crucial operations should be previously 

involved and regards the so called “Preprocessing” phase. It comprehends the removal of 

stopwords, followed by the tokenization and the lemmatization (see Appendix C). 

Stopwords are the most common words such has pronouns, prepositions, articles etc. and 

do not insert interesting information in the text. A list of stopwords is included in the 

WordCloud library and facilitates their elimination. 

Once deleted the stopwords, the word cloud provides the visualization of the most 

frequent words in a certain column. The use variable presents terms such as buy, purchase, 

sell, business, fertilizer, pay, family, canned, good, as it is shown in the Figure 3.4.1. 

Therefore the principal loan purpose is buying a certain good, selling it, doing something 

for the family, purchasing something in the agriculture or retail sector etc.  
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Figure 3.4.1 – Word Cloud of the use variable  

 

 

On the other hand, the word cloud of the description variable is not really explicable. In 

fact, syntax formatting elements influence on the identification of the most recurrent 

terms. Nonetheless, some emerging topics can be individualized such as business, loan, 

family, purchase, married, help, live, future etc. (Figure 3.4.2)  
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Figure 3.4.2 – Word Cloud of the description variable 

 

 

Punctuation removal, tokenization, stemmatization or lemmatization techniques are 

applied in the next phase to define a document-term matrix. It lists the frequency 

calculated on each words present in a document or a text. Tokenization allows to divide a 

text in a list of words and can be applied by splitting the different terms on the white spaces 

or punctuation. On the contrary, stemmatization is a method to delete the ending of words 

and leave the remaining, most important part. For instance, “purchases” become 

“purchase” or “happiness” is transformed into “happy”. Lemmatization is similar to the 

previous technique and reduces all terms to their “base form”. For example, the words 

“gone” or “went” are modified into (to) “be”.  

The further step is called “feature selection” and it is fundamental to guarantee the 

effectiveness of the topic model. Indeed, the use and description variables can present 

numerous unique terms, characteristic by a minimum frequency, and words with a 
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frequency too much higher in comparison with the others. The both situations will be 

negatively impact on the modeling phase because they do not contribute to the 

identification of meaningful topics. Two methods can be applied in this case: the term 

frequency-inverse document frequency or the frequency cut off. The first associates a low 

score to words too frequent or too rare. The second establishes cut-off under which the 

words are too rare or over which the words are too frequent. In this analysis, the second 

technique has been applied with some modifications due to the data characteristics (Jacobi 

et al., 2015). 

The use variable does not present critical aspects; only “buy”, “purchase”, “sell” words have 

a frequency of more than 5000. This value affects consistently the results of the topic model 

because the remaining terms have all a frequency lower than 5000. In addition, “etc”, “will” 

and “additional” are also removed for their effluent meaning. The final list of words are 

used for the creation of the dictionary and the corpus, fundamental elements for the topic 

model. The dictionary defines the mapping from word to ids and it is used to define the 

vocabulary size. Whereas the corpus is a vector of the documents that will be used for 

training. In particular, it is a matrix of shape (number of documents, numbers of terms).6  

For the description variable, the analysis is more complex for numerous reasons: the 

amount of textual data for each observations is utterly elevate; the personal name and 

surname of borrowers are present in each observations; city names are diffused; the name 

and surname of the author of the description are included in each observation; adverbs are 

repeated multiple times for the same observations and their meaning is not useful to detect 

the main topics; the same occurs also for some adjectives or verbs too much general. As a 

result, a cut-off cannot be inserted to reduce the number of too frequent or too rare words. 

Therefore another analysis has been conducted. To eliminate the author’s information in 

each observation, the position of the word “translated” is crucial. In fact, after this term, 

only the writer’s description is present. The next step is creating two columns of the 

description variable: one with the content before the word “translated”, one after that. The 

second one is deleted to remove all the author’s characteristics. 

 
6 See Gensim documentation, version 4.3.0 
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The following step comprehends the elimination of  the borrower’s surname and name in 

the description variable. In the dataset, the loanName feature displays these information 

of the borrower. Consequently, a for loop is defined to delete all the value present in 

loanName from description’s list of terms. Another modification regards the removal of the 

words with a length less than 3 combined with the elimination of the most common time 

adverbs or adverbs of manner.  

Once all the previous steps have been concluded, the next phase regards the definition of 

the right number of themes to be inserted in topic modeling. In fact, the main target is to 

define k number of topics. Granularity expresses the level of detail of the model and 

depends on the k value. If the granularity is too small, it would be more challenging the 

topic identification. If it is too high, topics would be similar one to the other and the topic 

modeling would lose its effectiveness Jacobi et al., 2015). 

Numerous method are identified and combined to determine the optimal value of k. Firstly, 

one of the most popular metrics is called “coherence” and evaluates the coherence of 

semantic information in  the model. It is expressed through the conditional probabilities 

defined for the association of words for which the document has the first n words of a 

specific topic simultaneously. This means that higher is the probability that the words with 

the highest topic ranking occur in a text together, higher is the classification effect of the 

model (Gan, Qi, 2021).  In this analysis, the coherence is estimated in 10 trials and the 

results are saved in a dataframe and saved with a csv file. A line plot is also provided to 

show the curve derived from the calculation of the mean of coherence values for each 

number of topic. In addition, the other two lines represented in the Figure 3.4.3 represent 

the confidence interval resulting from the mean of coherence values minus the standard 

deviation (the lowest line) and the mean of coherence values plus the standard deviation. 

To choose the optimal coherence score, a graphical method is applied: the elbow method. 

When the coherence curve creates an angle at the elbow, the corresponding value in that 

point corresponds to the best number of topics to apply in the topic model (Maithya et al., 

2022; Gurdiel et al., 2021). The Figure 3.4.3 illustrates that the optimal number of topics 

for the use variable can be: 7, 9, 13 and 25.  
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Figure 3.4.3 – The Coherence Plot and The Elbow Method for The use Variable 

 

 

On the contrary, the optimal number of topics for the description variable can be: 3, 11, 

15, 17, 23. 
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Figure 3.4.4 - The Coherence Plot and The Elbow Method for The description Variable 

 

 

To identity the optimal number of topics between the ones selected through the coherence 

score and the elbow method, a sensitivity analysis is applied. Sensitivity analysis highlights 

how the uncertainty in the result of a model can be caused by sources of uncertainty in the 

model parameters. It is also combined with the uncertainty analysis regarding uncertainty 

in model prediction without individualizing which hypothesis have impacted more the final 

outcome (Saltelli et al. 2019). In this study, the sensitivity analysis is implemented to 

compare the outcomes of the different topic modelling. All parameters of the topic 

modelling  remain the same, except the number of topics that are identified through the 

coherence and the elbow method.  

The model selected for the following analysis is the Latent Dirichlet Allocation (LDAvis), an 

unsupervised technique that identifies the diverse themes emerged from a document 

based on the patterns of (co)-occurrence of words in the text (Jacobi et al., 2015). It is based 

on the concept of consistency. Every topic presents an internal consistency. It refers to the 
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terms that occur together in the specific document and/or are related to the same topic 

(Chang et al., 2009).  Another fundamental parameter of the LDA model is lambda and 

indicates relevance of a word in a specific topic. It facilitates the ranking of terms based on 

the level of topic interpretation. Sievert and Shirley have conducted a study to determine 

the optimal value of lambda. It has been discovered that if lambda equals to 0.6, it 

generates an estimated 70% probability of correct words related to a topic. On the 

contrary, if the values are closer to 0 or 1, the estimated proportions of correct 

identifications are closer to 53% and 63% respectively (Sievert, Shirley, 2014).  

Nonetheless, the mathematical goodness of fit measures applied for the definition of the 

optimal number of topics can achieve a result not clearly interpretable from the human 

perspective. It happens more frequently with an high number of topics because the 

algorithm could identify some terms not semantically relevant for human (Chang et al. 

2009).  

In addition, another issue regards the randomness emerged in the LDA model, even though 

the random_state parameter was inserted. For example, some words related to the third 

topic of the use variable were exchanged with the terms identified in the fourth topic. 

Therefore, at the second run, the words remains the same, but the third topic has become 

the fourth, while the fourth has become the third. To guarantee the reproducibility of 

results, once all the parameters are set, the different LDA outputs are saved with the joblib 

library.  

From the sensitivity analysis in combination with the results of the coherence and the 

elbow method, the optimal number of topics for the use variable is 9, as can be noticed in 

the Figure 3.4.5.7 After having analyzed the words present in each bubble, a title to each 

topic has been assigned: topic n.1 – purchase, topic n.2 – farming, topic n.3 – investment, 

topic n.4 – trading, topic n.5 – family_expenses, topic n.6 – family_needs, topic n.7 – 

business, topic n.8 -  improvement, topic n.9 – personal_activity.  

 

 

 
7 To see the terms identified in the other topics, see Appendix C. 
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Figure 3.4.5 – The Optimal Number of Topics of the use Variable 

 

 

On the other hand, the definition of topics for the description variable presents some 

difficulties for the interpretability. Probably, it is caused by the similar frequency of the 

words and the amount of textual data of the description column. For example, the original 

data of the use and description features related to the first observation of the dataset are: 

use: “Purchasing sheep to expand his business” 

description: “For the past 2 years, Bobomurod has worked in agriculture, raising animals. 

He raises sheep which he cares for greatly since thanks to them, he can cover his household 

expenses. Bobomurod showed us his animals with great happiness as his sheep were about 

to be vaccinated against the various sickness that affect that type of livestock. <P>_x000D_” 

Therefore, the solution could be comparing the results obtained through the application of 

a specific model that will crucial also in the last part of the analyses. Logistic regression 

model, also called logit model, is a typology of regression analysis used to find the 

probability of a certain event occurring. It is used to model dichotomous outcome variables 

and, in particular, the log odds of the dependent variable is modeled as a linear 

combination of the predictor variables.  
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Considering the aforementioned research questions, the dependent variable is  status (it 

indicates if the loan has been funded or expired), while the independent variables are the 

topics of the use and description variables. The number of topics of use is fixed and equals 

to 9. Whereas, to define the number of topics of description, the outcomes obtained from 

the coherence and elbow methos are selected (k = 3, 11, 15, 17, 23). 

Therefore, a dataframe is created with only a subset of variables: status, whose categorical 

values are transformed into integers for the logit model (1, if status = funded, 0, if status = 

expired) and the topic contribution based on the number of topics of use and description. 

This means that the topic contribution has been calculated five different times as the 

number of topics for description variable.  Randomness influences also the results of the 

different models for the aforementioned motivations and, to guarantee the reproducibility 

of results, the diverse outcomes are saved through the joblib library. Even though the p-

values changed in the different runs, the evaluation of the model has achieved the same 

outcome: the optimal number of topics for the description variable is 15. In this phase, two 

elements have been considered: the R squared and the p-values. The first “(R² or the 

coefficient of determination) is a statistical measure in a regression model that determines 

the proportion of variance in the dependent variable that can be explained by 

the independent variable” (CFI Team, 2022). While, “the p-value (probability value) is a 

probability measure of finding the observed, or more extreme, results, when the null 

hypothesis of a given statistical test is true. The p-value is a primary value used to quantify 

the statistical significance of the results of a hypothesis test. The main interpretation of the 

p-value is whether there’s enough evidence to reject the null hypothesis. If the p-value is 

reasonably low (less than the level of significance), we can state that there is enough 

evidence to reject the null hypothesis. Otherwise, we should not reject the null hypothesis. 

The conclusions about the hypothesis test are drawn when the p-value of a test is 

compared against the level of significance, which plays the role of a benchmark. The most 

typical levels of significance are 0.10, 0.05, and 0.01. The level of significance of 0.05 is 

considered conventional and the most commonly used.” (CFI Team, 2022). In this analysis 

both indicators are considered because the R-squared do not consistently vary in the 

different models.  

https://corporatefinanceinstitute.com/resources/knowledge/modeling/independent-variable/
https://corporatefinanceinstitute.com/resources/knowledge/other/hypothesis-testing/
http://www.stat.yale.edu/Courses/1997-98/101/sigtest.htm
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As it is evident in the Figure 3.4.6, the R- squared is 4%, but four topic variables of 

description have a p-value around 0.05 and five of them shows a p-value less than 0.05.  

 

Figure 3.4.6 – Logistic Regression Model with status, 9 topics of use, 15 topic of description 
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Therefore, 15 number of topics for the description variable are selected for the LDA model. 

To improve the interpretability and better understand the borrower’s background, the 

words related to the same bubble are also manually individualized in the original textual 

data. The observations with the highest topic contribution are considered more important 

than the remaining one. Consequently, the titles assigned to each topic of the description 

variables are: topic n.1 – face_difficulties, topic n.2 – entrepreneurship, topic n. 3 – causes, 

topic n. 4 – asking_for_loan, topic n.5 – retail, topic n. 6 – progress, topic n. 7 – 

borrowers_situation, topic n. 8 – women_reasons, topic n. 9 – financial_resources, topic n. 

10 – job, topic n. 11 – procurement, topic n. 12 – growth, topic n. 13 – local_activity, topic 

n. 14 – poverty, topic n. 15 – loyal_borrowers (Figure 3.4.7). 

 

Figure 3.4.7 – The Optimal Number of Topics of the description Variable 

 

 

The last step of this phase comprehends the creation of the dataset with id of the loan 

transaction, the status variable, the 9 topics of the use variable and the 15 topics of the 

description variable.  To answer to the first research question, the correlation matrix should 

be defined. It indicates the correlation between all pairs of variables of the dataframe and 
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presents a set of ones in the diagonal because each variable is perfectly correlated with 

itself. It is also a symmetric matrix because the resulted values in the upper right triangle 

are the same in the lower left triangle.  

In the Figure 3.4.8 it is evident that some variables are highly correlated with values equal 

or more than 0.20. In particular, not only the relationships between specific topics emerged 

in the literature analysis are confirmed in the correlation matrix, but also other aspects 

arise: 

• women usually request a loan to launch their personal activity (women_reasons – 

personal_activity);  

• borrowers, who want to invest in small businesses, present an accurate description 

of their situation to attract the investors’ attention (borrowers_situation - 

investment);  

• if the need of financial resources is utterly highlighted in the loan application, they 

will be generally implemented to improve the quality of the goods or services 

provided by the borrowers’ local organizations (financial_resources – improvement; 

face-difficulties – investment);   

• starting a business is associated to collect new capital to satisfy family’s needs 

(entrepreneurship – family; local_activity – personal_activity);  

• family expenses are usually finalized to the achievement of better living conditions, 

for example building a sanitary toilet in the house, paying tuition for university or 

school, etc. (family _expenses – progress; causes – family_expenses; job – 

family_expenses);  

• several goods should be purchased to enhance the borrowers’ activity in order to 

expand the offer and resell them (progress – purchase; procurement – trading; 

local_activity – trading; asking for loan – purchase);  

• numerous family needs are caused by the consistent poverty rate of the developing 

nations (poverty – family_needs); 

• the majority of population who lives in poor conditions is usually dedicated to the 

farming sector (poverty – farming). 
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Figure 3.4.8 – Correlation Matrix 

 

 

 3.5. Data Modeling  

To respond to the second research question, the last part of the analysis is divided in two 

segments: the first comprehends the entire dataset with 36000 observations, whereas the 

second is based on a smaller one with 18000 rows.  

The outcome variable of the following models, status, comprehends the category of funded 

loans with 34.507 observations and the one of expired loans with 1.493 rows. This means 

that the two classes are unbalanced. For this reason, the sensitivity analyses is applied to 
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evaluate the effects on the final models, when the number of observation in the outcome 

variable are modified. In addition, the dataset created in the topic modeling part is merged 

with the original dataset to involved and examine all available data. Considering that the 

RAM of Jupyter Notebook is limited, the variables are distinguished into three groups: 

SectorName and Region, partner variables and the residual. The variables on the number 

of topics of use and description, plus status, are always comprehended.  

Numerous operations have been applied in all sections. Firstly, the substitution of the 

status values with 1 and 0 values, 1 is the loan is funded, 0 in the opposite case because 

the logistic regression accepts only discrete and categorical variables as outcome. The “get 

dummies” function is implemented for all categorical variables to convert them into 

dummy or indicator variables. This means that if a categorical variable has three classes, 

three variables will be created, one for each class, and they will present the value 0 or 1. 

The function iterates over the object passed and checks whether the element at a certain 

index matches the column heading. If it does, the value of the variable will be 1, otherwise 

0.8  

On the other hand, numerical variables are normalized by calculating the ratio between the 

difference of the actual observations minus the minimum value of the column, as 

numerator, and the difference of  the maximum value of the feature minus its minimum, 

as denominator.  

The third step regards the multicollinearity problem and the calculation of the variance 

inflation factor. In fact, one of the assumptions in binary logistic regression to achieve a 

valid result is the absence of multicollinearity. This means that explanatory variables should 

not be highly correlated with each other. To identify which variables cause this issue, the 

variance inflation factor (VIF) can be performed. It illustrates how much variance of the 

coefficient estimate is influenced by multicollinearity. If the VIF crosses the value of 10, it 

indicates multicollinearity. In logistic regression, also values more than 2.5 could cause a 

problem. One of the most common method to reduce multicollinearity is removing the 

variable with the highest VIF (Midi et al., 2013; Senaviratna et al. 2019).  

 
8 See pandas documentation, version 1.5.3. 
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Therefore, the following approach has been adopted: calculate the VIF and consider a 

distinction between the variables created through topic modeling and the ones generate 

with the get dummies function. In the first group, delete the variables associated with the 

highest topic contribution, one for use and one for description. In the second group, analyse 

the observations in each class of the original categorical variable and select the ones with 

the highest and lowest number of observations. Consequently, remove the variables 

created with the get dummies that corresponds to the identified classes. Run the logistic 

regression with the remaining variables and identify if other variables determine the 

multicollinearity. If it is true, delete the one with the highest VIF and run again the model 

until the VIF values are small enough to not affect the model outcome (see Appendix D). 

The above steps are applied in three datasets with 36.000 observations and also in the 

three datasets with 18.000 observations (the observations in the smaller dataset are 

randomly selected to reduce the size of the category with the highest number of data).  

In the dataset related to sectors and regions, the same variables have been deleted for the 

VIF calculation: Sector_Agriculture, Region_Asia, retail and investment.  

Considering the full dataset and the p-values, the Figure 5.1 shows that the projects 

launched on Kiva’s platform have more probabilities to be funded if the loan description 

comprehends an explanation of the borrower’s situation or the principal reasons of a 

woman for which the loan is requested. In addition, borrowers who comply with the 

repayment terms and have an higher reputability are more preferred by lenders. In 

particular, if the borrowers applies for the loan to start his own business, he has more 

likelihood of receiving the financial resources.  The sectors more fascinating for bakers are 

arts, education and manufacturing (entrepreneurship, borrowers_situation, 

women_reasons, loyal_borrowers, asking_for_loan, SectorName_Arts, 

SectorName_Education, SectorName_Manufactoring). 

On the other hand, the variables that negatively influence the success of a projects are 

purchase, personal_activity,  causes, progress, job, poverty, local_activity, 

SectorName_Clothing, SectorName_Housing, SectorName_Personal Use, 

SectorName_Retail, SectorName_Transportation, Region_Africa, Region_Central America, 
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Region_Eastern Europe, Region_Middle Est, Region_North America, Region_Oceania, 

Region_South America (Figure 3.5.1 and 3.5.2).  

 

Figure 3.5.1 – First part of Logit Model of Sector, Region and Topic Variables (full dataset) 

 

 

This means that lenders consider also the level of uncertainty related to each loan. It has 

been increased in the last year as it is shown in the Figure 3.3.5. In fact, the variables that 

negatively affect the project’s success are associated with borrowers who live in  
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Figure 3.5.2 – Second part of Logit Model of Sector, Region and Topic Variables (full dataset) 

 

 

unprivileged conditions. The same result is also confirmed in the logit model applied on the 

under sample (Figure 3.5.3, 3.5.4). The result  of the full and small dataset are also 

influenced by the removal of the four variables; this means that Sector_Agriculture, 

Region_Asia, retail and investment generate a consistent effect on the initiatives published 

on the Kiva platform. 
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Figure 3.5.3 – First part of Logit Model of Sector, Region and Topic Variables (small dataset) 
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Figure 3.5.4 – Second part of Logit Model of Sector, Region and Topic Variables (small 

dataset) 

 

 

Regarding the datasets on partners, the variables deleted for high VFI are investment, retail, 

PStatus_active, PStatementType_net_billing, PAvgBorrowerCostType_PY, PloansPosted, 

PloansAtRiskRate, PRiskRating.  

To augment the probabilities of the success of a project, the model applied on both 

datasets displays that the campaign should definitively include the following variables: 

trading, family_needs, asking_for_loan, borrowers_situation, women_reasons, 

PtotalAmountRaised, PavgBorrowerCost, PStatus_closed, 

PStatementType_dual_statement, PavgBorrowerCostType_APR. As a result, the borrower 

profile is still fundamental for the selection of a project. When the motivation to ask for a 

loan are explained in combination with the family conditions, lenders will feel more 

involved and will finance the initiative. Moreover, as in the sector and region dataset, the 

attention dedicated to women prevails in comparison to the other factors (highest 
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coefficient). In addition, trading activity is most popular to buy and sell goods or services. 

At the same time, the role played by partners is fundamental in the project selection and 

the principal aspects that lenders consider are the amount raised (to evaluate the size of 

the investment), the average borrower cost and the dual statement type. On the contrary, 

the outcome of the dataset regarding sector and region is confirmed also in this case. 

Backers prefer to invest in situations associated with a low level of precautionsness. This 

relates not only the borrowers living conditions, but also the specific characteristics of the 

partners such as the default rate, the loss derived from the currency exchange, the status 

etc. These conditions are represented by the following variables: improvement,  

 

Figure 3.5.5 - First part of Logit Model of Topic and Partners’ Variables (full dataset) 
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personal_activity, progress, financial_resources, local_activity, 

PavgLoanSizePercentPerCapitaIncome, PdefaultRate, PcurrencyExchangeLossRate, 

PchargesFeesInterest, PStatus_inactive (Figure 3.5.5, 3.5.6, 3.5.7, 3.5.8). 

In addition, the results are also influenced by the deleted variables for the multicollinearity 

issues. Therefore, they should be also considered as fundamental for the impressive impact 

on the project’s outcome.  

 

Figure 3.5.6 - Second part of Logit Model of Topic and Partners’ Variables (full dataset) 
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Figure 3.5.7 - First part of Logit Model of Topic and Partners’ Variables (small dataset) 
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Figure 3.5.8 - Second part of Logit Model of Topic and Partners’ Variables (small dataset) 

 

 

An interesting variable have been created in the dataset with residual variables. It is called 

funding_days and indicates how many days are necessary to fund a loan. In fact, it is 

obtained from the difference between the fundraising date and the disbursal date.  

The variables removed for the multicollinearity problem in the datasets with residual 

variables are: investment, retail, fundedAmount, repaymentInterval_monthly, 

lossliabilityCurrenctExchange_shared, lendersTotalCount.  

In particular, both datasets consider that the following variables produce a positive impact 

on the project’s success: trading, family_needs, women_reasons, 

flexibleFundraisingEnabled, distributionModel_fieldPartner, 

repaymentInterval_irregularly, lossLiabilityCurrencyExchange_lender, 

lossLiabilityCurrencyExchange_none, lossLiabilityCurrencyExchange_partner. 
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Figure 3.5.8 - First part of Logit Model of Topic and Residual Variables (full dataset) 

 

Whereas the opposite effect is generated if the following variables are present: purchase, 

personal_activity, face_difficulties, causes, progress, financial_resources, job, growth, 

local_activity, poverty, loyal_borrowers, borrowers_situation, lenderRepaymentTerm, 

funding_days. 

The results obtained from the partners, sectors and regions analysis are also confirmed in 

this case. In fact, women’ motivations to receive a loan are the most important for lenders’ 

evaluation of the project. Instead, borrowers’ descriptions negatively impact on the 
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campaign’s success if they are associated with the technical specifics of loans (Figure 3.5.8, 

3.5.9, 3.5.10, 3.5.11).  

 

Figure 3.5.9 - Second part of Logit Model of Topic and Residuals Variables (full dataset) 

 

Figure 3.5.10 - First part of Logit Model of Topic and Residuals Variables (small dataset) 
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Figure 3.5.11 - Second part of Logit Model of Topic and Residuals Variables (small dataset) 
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Conclusion 

 

In conclusion, microfinance is the most effective and efficient financial service in 

developing countries. It significantly offers the possibility to start a business, sustain small 

activities in providing high-quality goods and services and improve the living conditions of 

underprivileged borrowers. In particular, lending crowdfunding platforms are utterly 

diffused for promoting social causes. Kiva is one of the most acknowledge organizations 

that consistently  support local borrowers, especially women, whose main desire is to 

guarantee the welfare of their children, promote their ideas and realize them concretely to 

reduce gender inequality. Both literature and the empirical analysis have highlighted the 

importance of the borrower’s description in the loan application and the level of default 

risk associated with a specific project.  

Regarding the data analysis, some open points that could be explored further are: 

• Randomness regarding the topic modeling; 

• The comparison between different methods to define the optimal number of topics; 

• Adding the examination of other dependent variables like the funding_days; 

• Applying further techniques to detect the frequent presence of p-values with a 

value of 0.000 in the logit models. 
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Appendix  

A – Data Cleaning  

Figure A.1 – Import libraries and read datasets in csv-format files 

 

 

Figure A.2 – Check null values in all variables and delete two columns 
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Figure A.3 – Remove every observations where id is not an integer datatype 

 

 

Figure A.4 – Substitute null values  

 

 

Figure A.5 –  Transform into date type 

 

  

Figure A.6 -  Transform into integers 
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Figure A.7 – Number of columns, rows and their data type 

 

 

Figure A.8 – Principal indicators of the dataset 
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Figure A.9 – Delete time values in plannedExpirationDate 

 

 

Figure A.10 – Outer join between the datasets with use and description variables 

 

 

Figure A.11 – Inner join between the dataset with loan information and the ones of activity, 

            sector, country and partner  
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Figure A.12 – Creation of a single dataset called small_data 

 

 

B – Some Examples of Data Transformation  

 

Figure B.1 – Realization of the Line Plot for the “Distribution of Crucial Rates over the Years” 
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Figure B.2 – Realization of the Map for the “Total Number of Funded Amount by Country”  

 

 

C – Topic Modeling 

 

Figure C.1 -  Divide description into two columns 
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Figure C.2 -  Tokenization, Lemmatization, Stopwords of the description variable  
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Figure C.3 -  The function to the calculation of coherence 

 

 

Figure C.4 – Seven number of topics for the use variable 
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Figure C.5 – The second out of nine topics of the use variable 

  

 

Figure C.6 – The third out of nine topics of the use variable 
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Figure C.7 – The fourth out of nine topics of the use variable 

 

 

Figure C.8 – The fifth out of nine topics of the use variable 
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Figure C.9 – The sixth out of nine topics of the use variable 

 

 

Figure C.10 – The seventh out of nine topics of the use variable 
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Figure C.11 – The eight out of nine topics of the use variable 

 

 

Figure C.12 – The ninth out of nine topics of the use variable 
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Figure C.13 – Three number of topics for the description variable 

 

 

Figure C.14 – The second out of fifteen topics of the description variable 
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Figure C.15 – The third out of fifteen topics of the description variable 

 

 

Figure C.16 – The forth out of fifteen topics of the description variable 
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Figure C.17 – The fifth out of fifteen topics of the description variable 

 

 

Figure C.18 – The sixth out of fifteen topics of the description variable 
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Figure C.19 – The seventh out of fifteen topics of the description variable 

 

 

Figure C.20 – The eight out of fifteen topics of the description variable 
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Figure C.21 – The ninth out of fifteen topics of the description variable 

 

 

Figure C.22 – The tenth out of fifteen topics of the description variable 
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Figure C.23 – The eleventh out of fifteen topics of the description variable 

 

 

Figure C.24 – The twelfth out of fifteen topics of the description variable 
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Figure C.25 – The thirteenth out of fifteen topics of the description variable 

 

 

Figure C.26 – The fourteenth out of fifteen topics of the description variable 
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Figure C.27 – The fifteenth out of fifteen topics of the description variable 

 

 

Figure C.28 – Function for the calculation of the topic contribution 
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Figure C.29 – Logit Model with status, 9 topics of use, 3 topics of description  
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Figure C.30 – Logit Model with status, 9 topics of use, 11 topics of description 
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Figure C.31 – Logit Model with status, 9 topics of use, 17 topics of description (first part) 

 

 

Figure C.32 – Logit Model with status, 9 topics of use, 17 topics of description (second part) 
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Figure C.33 – Logit Model with status, 9 topics of use, 23 topics of description (first part) 
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Figure C.34 – Logit Model with status, 9 topics of use, 23 topics of description (second part) 

 

 

D – Data Modeling 

Figure D.1 – Example of get dummies for SectorName and Region 

 

 

Figure D.2 – Example of data normalization 
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Figure D.3 – Example of the application of the variance inflation factor 
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